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ABSTRACT 

COMMERCIALISM AND PAY IN THE NONPROFIT SECTOR 

BY 

SHICUN (TRACY) CUI 

December 2019 

 

Committee Chair: Dr. Greg Lewis 

Major Department: Public Management and Policy 

 

Studies on the nonprofit pay differential find that nonprofit workers in the child daycare 

industry earn more than comparable for-profit workers (Ben-Ner, Ren, & Paulson, 2011; Preston, 

1988), whereas nonprofit lawyers earn less than lawyers in for-profit firms (Frank, 1996; 

Weisbrod, 1983). Are nonprofit daycare center workers less altruistic than for-profit daycare 

workers or nonprofit lawyers? What is the meaning of a positive or negative nonprofit pay 

differential from various studies? This dissertation reframes the sectoral pay differential question 

and examines whether there is a donative labor effect for nonprofit workers relative to the for-

profit workers.  

Current empirical studies examining one or several industries produce a range of 

conflicting results, which makes comparison impossible and becomes a barrier to understanding 

the nature and magnitude of the nonprofit wage differential. Is there a relationship between 

industries and the sectoral pay differential? I develop measures to explain the relationship 

between the industry and the variability of the cross-sectoral pay differential based on the 

literature of commercialism on the industry level. 



 
 

Prevailing theories, including donative labor theory, attenuated property rights theory, 

compensating wage theory, and efficiency wage theory, predict different outcomes. It remains 

unanswered what is the relationship of these theories, and why the conflicting theories find 

support in various studies. I employ the multilevel modeling approach to integrate research 

questions on different levels in one model to examine hypotheses developed from theories on 

different levels.  

In the dissertation, I use nationally representative datasets and apply multilevel random 

effects modeling to answer two important questions: (1) Do nonprofits pay differently? And (2) 

what is the effect of commercialism? My analysis finds support for seemingly contradictory 

theories. The dissertation establishes an exhaustive inventory of nonprofit pay differentials for 

industries and occupations. The findings leave food for thought. Altruism motivation leads to 

lower pay for nonprofit workers, but the industry and occupation effects mask this difference.   
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Chapter I. Introduction  

The nonprofit sector plays an important role in the US economy. The number of 

organizations with tax-exempt status is around 1.56 million in 2015, and 1.09 million of them 

were public charity organizations (McKeever, 2018). The actual number of nonprofits in the US 

is unknown because religious congregations and organizations with less than $5,000 receipts are 

not required to register (McKeever, 2018). Although nonprofit employment is only a portion of 

the for-profit employment (Hirsch, Macpherson, & Preston, 2018), the growth of the nonprofit 

employment outpaced that of business and government (McKeever & Gaddy, 2017; Salamon & 

Newhouse, 2019). Nonprofits employed 10.2 percent of the private workforce, and a total of 639 

billion dollars was paid as annual wage in the nonprofit sector in 2016 (Salamon & Newhouse, 

2019). Healthcare is the largest nonprofit employer offering jobs to 55 percent of nonprofit 

workers, followed by 14 percent in education and 12 percent in social assistance areas (Salamon 

& Newhouse, 2019). Given the scale of nonprofit employment and its labor-intensive nature of 

services, compensation is an important avenue to understand the nonprofit sector.  

The nonprofit pay differential relative to the for-profit sector signals whether nonprofits 

differ from the for-profit sector in the aspect of human resources, that is, whether tax-exempt 

status is justified or nonprofits are just “for-profits in disguise” (Weisbrod, 1988). The 

meaningfulness of the topic intrigued extensive studies. However, the findings are inconclusive. 

Using administrative data with no control of individual information, Salamon and Newhouse 

(2019) find that nonprofits pay higher weekly wages than for-profits in nonprofit concentrate 

industries such as social assistance, education institutions, ambulance healthcare, hospitals, and 

nursing homes. Without control of human capital, it is hard to know whether the ostensible pay 

premium in the nonprofit sector reflects competitive and fair wage with the for-profit sector 
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because many studies also find that nonprofit workers have more years of education and work 

experience, for instance.  

Labor economists have proposed a series of theories in the 1980s predicting different 

outcomes in nonprofit wages. Donative labor theory predicts that nonprofit workers earn less 

than for-profit workers due to their altruistic motivation (Handy & Katz, 1998; Preston, 1989; 

Weisbrod, 1983). Attenuated property rights theorists that maintain nonprofit workers earn more 

than for-profit workers because nonprofit managers do not have the incentive to accumulate 

profits (Preston, 1988). Compensating wage theory proponents expect nonprofit workers to earn 

less than for-profit workers because the working conditions are better in nonprofits than the for-

profits (Smith, 1979). Lastly, efficiency wage theory supports that firms pay more to increase the 

production of services if the work quality is hard to measure (Akerlof, 1984). Studies find 

negative nonprofit pay differentials, which provide support to donative labor theory (Handy, 

Mook, Ginieniewicz, & Quarter, 2007; Weisbrod, 1983). Others find that nonprofits pay equally 

or even slightly higher than for-profit firms, and thus conclude that there does not exist labor 

donation. Rather, it is the competition mechanism that works (Ben-Ner et al., 2011; Ruhm & 

Borkoski, 2003). The competition conclusion essentially rejects all theories that predict either 

positive or negative outcomes. 

Findings from current studies are inconclusive, partly because they examine different 

industries (Preston, 1988) or occupations (King & Lewis, 2017; Weisbrod, 1983), or different 

mix of industries (Ben-Ner et al., 2011; Jones, 2015; Ruhm & Borkoski, 2003) and occupations 

(Frank, 1996; Handy et al., 2007), which makes it hard to compare the results. In an economy-

wide study, Leete (2000) acknowledges that the overall pay parity is a sum of the significantly 

positive nonprofit differential in some industries and significantly negative differential in others. 
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A logical question to ask is why nonprofit workers are not the same. Presumably, they should be 

similar because they are all “nonprofit” workers. The question boils down to what makes a day-

care center nonprofit worker differ from a hospital nonprofit worker, or what makes a lawyer 

nonprofit worker differ from a registered nurse nonprofit worker. 

Conflicting findings send a mixed message concerning practical and policy implications. 

The answer is crucial to assure stakeholders who trust or distrust voluntary values. Nonprofit 

organizations are exempt from property, sales, and corporate income taxes (Hansmann, 1987). 

When nonprofit workers earn more than for-profit, it arouses concerns. On the one hand, if the 

nonprofit is not different from the for-profit sector, then the tax-exempt status puts nonprofits in 

an unfair competitive advantage over the for-profits. One the other hand, why nonprofits, without 

striving to make profits, can pay more than the for-profit sector. Do they distribute the surplus to 

owners and workers that are not allowed by law? It challenges the legitimacy of the sector 

(Salamon, 1999).  

Conflicting findings make theories irrelevant. When findings on the nonprofit pay 

differential diverge and explanations depart from each other, we are left to wonder whether 

theories are wrong or whether there is poor correspondence between the theory and the concepts 

under study. “Nonprofit” might refer to altruistic motivation (donative labor theory), the lack of 

ownership of organizations (attenuated property rights theory), better working conditions 

(compensating wage theory), or less measurable production (efficiency wage theory). What is the 

referent for “nonprofit” in various studies?  

The study of the sectoral pay differential needs to be situated in the overall backdrop, 

where nonprofits are one type of service provider in many industries, together with governments 

and for-profit service providers. Nonprofits, as a decentralized system, can better meet diverse 
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and heterogeneous demands from the community (Weisbrod, 1988). Compared with the for-

profits, nonprofit organizations have more trust and less information asymmetry problems 

because of non-distribution constraints (Hansmann, 1980). However, the nonprofit sector has its 

Achilles’ heel, the voluntary failure (Salamon, 1987), encapsulated as “philanthropic 

insufficiency” – the inability to generate sufficient and reliable resources to scale up services; 

“philanthropic amateurism” – the inability to hire professionals to provide professionalized 

services; “philanthropic particularism” – only focus on particular subgroups of  the population; 

and "philanthropic paternalism” – community needs are defined by those who have resources. 

The first two failures are particularly relevant to compensation and human resource management. 

Nonprofits have the motivation to solve the insufficiency and amateurism through marketing 

services and replacing volunteers with professionals (Maier, Meyer, & Steinbereithner, 2016). 

Philanthropic insufficiency pushes nonprofits internally to devote more efforts to 

resource development. Externally, the call for doing more with less and increasing efficiency 

justifies commercialism: reliance on commercial revenue (James, 1998) and adopting business-

like approaches (Maier et al., 2016). Therefore, commercialism has made its way into the 

nonprofit sector (Eikenberry & Kluver, 2004).  

Commercialism embraces profits and efficiency, which might erode values, encourage 

over-consumption, and bias education, among numerous evils as elaborated by Jacobson and 

Mazur (1995). The nonprofit sector is co-opted by commercialism, which goes against the 

essential role of the nonprofit sector as value guardians, service providers, advocates, and 

builders of social capital (Salamon, 1999). Critical school scholars articulate that marketization 

approaches are detrimental to democracy and erosive to the value of civil society (Eikenberry & 

Kluver, 2004).  Numerous studies have depicted that commercialism takes hold in the nonprofit 
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sector, and commercial revenue grows dramatically (Child, 2010; Eikenberry & Kluver, 2004; 

Kerlin & Pollak, 2011; Salamon, 1999, 2015).  The argument that commercialism can change 

organizational behavior is established, but empirical evidence about the impact of 

commercialism on pay to workers is sparse. 

The dissertation examines two broad questions: 1. Does the nonprofit sector pay 

differently than the for-profit sector? 2. What is the effect of commercialism on the nonprofit 

pay? It examines the nature of nonprofit wage differential and the consequence of 

commercialism.  

Compensation and pay are complex, as they are jointly determined by factors on the 

individual, organization, occupation, industry, and state levels (Werner & Gemeinhardt, 1995). 

Individuals have heterogeneous preferences and motivations. Organizations have different 

behaviors and decisions about their allocation of resources and profits. Different occupations 

have different requirements for job skills and human capital. Industries are differentiated by how 

collective is the nature of the goods or services they provide. Finally, states might be different in 

policies and regulations.  

Mirroring the different levels of the compensation decisions, prevailing theories explain 

the phenomenon on different levels. To answer the question on the individual level, I draw on 

social psychology explanation of altruistic motivation, which precedes the donative labor theory 

in the nonprofit pay study. To answer the industry level question, I adopt compensating wage 

theory. I develop hypotheses according to the levels of theories.  
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Figure 1. Research questions and data needs 

 

The multilevel nature of research questions corresponding to the theoretical frameworks 

on discrete levels requires data on corresponding levels. Cross-Classified Random Effects 

Modeling (CCREM) can fulfill the needs because it can decompose variance components on 

different levels and properly represent the variability and effects from different sources (Kreft, 

Leeuw, & Aiken, 1995; Raudenbush & Bryk, 2002). In other words, CCREM can estimate 

unbiased and efficient estimates of fixed coefficients while modeling the variability of interest 

variables on the macro/contextual level (Kreft et al., 1995; Raudenbush & Bryk, 2002).  

I use nationally representative data pooled from Census 2000 and the American 

Community Survey (ACS) 2005-2016. The data is merged with Statistics of Income from the 

Internal Revenue Service (IRS). Merging the data with detailed individual-level information to 

the organizational finance information has closed the gap of compensation studies based solely 

on either individual data or administrative data.  
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Level-1 includes 3,017,110 observations with detailed human capital and demographic 

information as well as sectors.  Level-2 includes 38 industries, 303 occupations, and 50 states 

and DC. Modeling for fixed effects is essentially regression analysis. Random effects of 

nonprofit pay differential on industry and occupation levels are modeled as a probability 

distribution of nonprofit pay differential. Before drawing the conclusion, I check the robustness 

and sensitivity of the estimation. I use different structures on Level-2, including the interaction 

level of industry and occupation, and adding the state level.  Then I use different datasets, 

including dropping higher education and hospital industries, using Census 2000 only, having 

different industry categories, and including part-time workers on Level-2.  

The results show that nonprofit workers earn 5.7 percent less on average than comparable 

for-profit workers. This effect is conditional on the industry and occupation effects. In other 

words, a negative 5.7 percent on Level-1 is the donative labor effects. In industries where 

nonprofits have pay advantages, the sectoral pay differential will be less negative than -5.7 

percent. In industries with pay disadvantage for nonprofits, the sectoral pay differential will be 

more negative than -5.7 percent.  It is a similar situation with occupations. My second research 

question is to examine the effects of commercialism on pay in the nonprofit sector. 

Commercialism is measured both as a compositional effect of the for-profit share of workers and 

as a substantive measure of an inverse of fundraising efforts. Both measures show that 

commercialism increases pay. Commercialism, an indicator of profit focus and cost 

minimization, increases the salary as a result of compensating the changed working conditions. 

Commercialism also increases the gender pay gap, the occupation pay gap, and the sectoral pay 

gap. 
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My research provides an economy-wide estimate of nonprofit/for-profit sectoral wage 

differential that is composed of donative labor effect, industry effect, and occupation effect. I 

contribute to a consolidated explanation of theories by laying them on corresponding levels with 

corresponding data. The multilevel modeling of economy-wide data analysis gives equal 

importance to the random effects of various industries and occupations, which has improved the 

situation where some industries are studied repeatedly, and others are totally out of radar. 

Therefore, I also contribute to having established an exhaustive inventory of nonprofit pay 

differentials across industry and occupation levels. This inventory can serve as a reference and 

corroboration for future studies.  

In chapter 2, I review the literature on nonprofit wage differential under four prevailing 

theories. In Chapter 3, I deconstruct theories on their corresponding levels and build hypotheses 

accordingly. Chapter 4 describes detailed data sources, data cleaning processes, analytical tools, 

and model specifications. Chapter 5 presents the results, and Chapter 6 discusses the findings, 

contribution and limitations of my research.     
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Chapter II. Literature Review 

All paid jobs belong to a particular industry and a particular occupation. Employees are 

nested in a higher-level structure when they are members of units such as organizations, 

industries, and occupations. The pay for employees not only reflects their work efforts and 

abilities but also manifests features of the industry and occupation that they work for. Industries 

are classified in the North American Industry Code System (NAICS), and occupations are 

classified in the Standard Occupational Classification (SOC). The extensive lists suggest that 

industries and occupations have boundaries, and there are differences between these categories. 

Nonprofit and for-profit sectors share most industries and occupations, which imposes an 

additional complexity to sectoral pay differential studies, because the sectoral pay differential 

may catch the features of industries and occupations that are varying themselves.   

Despite the importance of linkage between pay and structures on the macro level, 

prevailing studies on the nonprofit wage differential apply a micro view and an individualist 

approach. They treat industries and occupations as background variables without further 

scrutiny, with a few exceptions such as Leete (2001) and Krueger and Summers (1988). To lay a 

foundation for multilevel conceptualization and analysis, I bring together two strands of 

literature: nonprofit pay studies and nonprofit industries and occupations. In this chapter, I 

review nonprofit pay differential literature guided by major compensation theories. Then I 

examine the literature on industry and occupation pertaining to nonprofits, based on which I 

argue that industries and occupations should be integrated into a holistic analysis of nonprofit 

pay differential. 
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2.1 Salary and Compensation in the Nonprofit Sector 

Major theories on nonprofit compensation include donative labor theory, compensating 

wage theory, attenuated property rights theory, and efficiency wage theory. Donative labor 

theory and compensating wage theory predict nonprofits to pay less than for-profit firms, 

whereas attenuated property rights theory and efficiency wage theory predict nonprofits to pay 

more than for-profits. In this part, I review what empirical studies on the cross-sectoral pay 

differential tell us about the major theories.  

Donative labor theory. 

Donation and volunteering are an essential part of American life. Around 63 million 

people volunteered 8.7 billion hours to their communities in 2014, which is equal to 5 million 

full-time jobs (America’s Nonprofit Sector - Revenues, 2016). In 2015, the total charitable giving 

amounted to $373.25 billion, and 70 percent came from individuals (America’s Nonprofit Sector 

- Impact, 2016).  

Accepting low pay to work for nonprofit organizations is another form of donation 

(Lewis, 2010; Preston, 1989; Weisbrod, 1983). Donative labor theory argues that altruistically 

motivated individuals are willing to accept a low pay in order to have the opportunity to serve 

the underrepresented (Weisbrod, 1983), or reify their religious or political commitment to social 

change (Lewis, 2010; Rose-Ackerman, 1996), among other possible values such as liberalism 

(Lewis, 2010).  

Weisbrod (1983) first proposed donative labor theory in a study that found public interest 

lawyers earned 20 percent less than comparable attorneys working in for-profit firms. 

Subsequent questions in his research revealed that 45 percent of the lawyers knew beforehand 

that they would not be better off financially from being public interest lawyers.  They did not 
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regret their choices. Furthermore, the public interest lawyers did not expect to use their nonprofit 

experience as an investment for better-paying jobs in the future, which means their sacrifice is 

the end instead of the means. Also, these lawyers seem to favor positions that can contribute to 

social good rather than monetary gain. Weisbrod (1983) finds that 43 percent of public interest 

lawyers choose to work for schools or governments that usually pay lower than private firms. In 

short, he argues that altruistic motivation leads to negative wage differential for lawyers in 

nonprofit organizations.   

With the main missions of serving the public good and producing positive social 

externalities (E. Brown & Slivinski, 2018; Preston, 1989; Rose-Ackerman, 1996), nonprofit 

organizations provide a better platform than government or for-profits to attract individuals with 

altruistic motivations to materialize their own values or ideology in a bigger social context (E. 

Brown & Slivinski, 2018; Cassar & Meier, 2018; Handy & Katz, 1998; Rose-Ackerman, 1996; 

Weisbrod, 1983). Lewis (2010) finds that the overrepresentation of lesbians and gay men in 

nonprofit organizations is attributable to their altruistic motivation.  

Handy et al. (2007) concur that nonprofit executives choose nonprofit jobs because they 

identify with the mission of the organizations that reflect their values and beliefs, despite the 

lower pay than their for-profit counterparts. Ideological nonprofit entrepreneurs prefer managers 

and workers who share their vision (Rose-Ackerman, 1996).  Smart nonprofit managers thus 

might use a lower salary to filter for employees with altruistic motivation (Handy & Katz, 1998) 

because altruistically motivated individuals can be more productive with less supervision. For 

example, nonprofit hospitals use performance-based bonus reward structures less than for-profit 

hospitals (Roomkin & Weisbrod, 1999) to screen managers who share the organizational goal.  
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Altruistic workers select jobs based on the meaningfulness of work rather than the 

monetary incentive (Cassar & Meier, 2018). The meaningfulness of work includes competence, 

autonomy, and relatedness (Ryan & Deci, 2000). Cassar and Meier (2018) explain that people 

develop joy and satisfaction from their competence to solve problems or intellectual challenges, 

which explains why scientists commit their weekends to research and innovation. Arguably, 

when nonprofit workers can solve some social issues or help disadvantaged groups, the process 

of being able to help is a source of satisfaction. 

Autonomy and relatedness also enrich the meaning of work (Cassar & Meier, 2018). 

When people have a sense of belongingness or connectedness, they are more likely to work 

harder and like the job better (Ryan & Deci, 2000). Benz and Frey (2008) find that people 

working with smaller firms are more satisfied because the structures of small firms are less 

hierarchical than large organizations. Nonprofit jobs are generally interdependent (Ben-Ner et 

al., 2011), less hierarchical with more equality, such as narrower pay gap and less discrimination 

(Ben-Ner et al., 2011; Cassar & Meier, 2018; Faulk, Edwards, Lewis, & McGinnis, 2012). 

Therefore, nonprofit jobs might be meaningful to altruistic workers. 

Considering the dimensions of competence, autonomy, and relatedness (Cassar & Meier, 

2018; Ryan & Deci, 2000), the meaning of jobs might have implications on different occupation 

ranks. Using the 1979 Current Population Survey data, Preston (1989) finds that clerical workers 

earned comparable wages in two sectors, but managers and professionals earned 5 to 20 percent 

less in nonprofits than in for-profits after accounting for human capital, industries, occupations, 

and selected job characteristics. Preston (1989) explains, although nonprofit workers choose to 

participate in “socially worthwhile organizations” that produce social benefits, nonprofit 

managers are more closely tied to social benefits provision than the blue-collar workers. 
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Nonprofit managers have the power and autonomy to decide social programs, which concurs the 

explanation that autonomy is related to the meaning of work (Cassar & Meier, 2018; Ryan & 

Deci, 2000). Thus, the willingness to donate labor probably varies by occupation. 

Donation is a gift-giving behavior. Donative labor theory indicates that nonprofit workers 

donate part of their salary or labor to nonprofit organizations (Lewis & Ng, 2013) as gifts. Adloff 

(2016) distinguishes altruistic giving behavior as different from the giving behavior with self-

interests and reciprocal purposes. Altruistic behavior is "motivated mainly out of consideration 

for another's needs rather than one's own" (Piliavin & Charng, 1990, p. 30), whereas reciprocity 

happens when “the giving of a gift initiates a cycle of receiving and reciprocating with a counter-

gift” (Barman, 2017, p. 274).  

If giving, or labor donation, is reciprocal, it can be compensated. Economists in this line 

argue that nonprofit workers enjoy more satisfaction than comparable workers in the for-profit 

sector because the lower pay is compensated by satisfaction (Benz, 2005; Handy et al., 2007; 

Jones, 2015; Leete, 2001; Lewis & Frank, 2002; Mirvis & Hackett, 1983; Preston, 1989). 

Andreoni (1990) indicates that satisfaction as a type of utility and impure altruism since donors 

experience “warm-glow.” Any utility has to be compensated, according to the assumption of the 

economic man who tries to maximize the utility. Evren and Minardi (2017) define warm-glow as 

“prosocial behavior that causes the actor to experience positive feelings, apart from its social 

implications” (p.1381).  It might be either intrinsically motivated as "pleasure of social acclaim" 

or extrinsically motivated, such as improving one’s social image or avoiding guilt (Evren & 

Minardi, 2017).  

Scholars from disciplines other than economics have questioned interpreting satisfaction 

and warm-glow as a compensable utility. Friedland and Alford (1991) argue that the utility is 
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volatile and "socially and historically structured" (p. 234), and thus the maximization is resistant 

to computation. No one can compensate things incomputable even if s/he intends to. Therefore, 

warm-glow is not pecuniary (Elster, 2011) nor reciprocal (Barman, 2017), no matter whether it is 

intrinsically or extrinsically motived. The non-reciprocity distinguishes donative labor theory 

without anticipation of return from the compensating wage theory with anticipation of return. 

Compensating wage theory.  

Compensating wage theory is about matching the worker’s preference with job 

characteristics (Ehrenberg & Smith, 2018). The essence of the compensating wage theory is that 

"jobs with disagreeable characteristics will command higher wages" (Smith, 1979, p. 339). 

Therefore, jobs with higher risks of injuries, lower occupational safety, or less desirable are paid 

better. However, an empirical test of compensating wage theory encounters obstacles due to 

heterogeneous tastes of workers and difficulty in specifying a priori disagreeable job 

characteristics. Nonetheless, a common-sense list of job characteristics might include strenuous 

physical work, repetitive or stressful jobs, fast pace, location, lack of freedom or security, 

commuting time, and work shifts (Borjas, 2007; Krueger & Summers, 1988; Smith, 1979).  

Nonprofit organizations generally offer working conditions with pleasant amenities 

(Hallock, 2000; Handy et al., 2007; Ruhm & Borkoski, 2003). The known nonprofit work 

amenities include family-supportive policies, a more egalitarian workplace, flexibility in work 

schedules, less rigid environment, greater job stability, autonomy, more control over the work 

performed, building a reputation for a public career, interesting and challenging jobs, not 

working toward a financial bottom line, and shorter work hours (Ben-Ner et al., 2011; Hallock, 

2000; Handy & Katz, 1998; Handy et al., 2007; Leete, 2000; Preston & Sacks, 2010; Ruhm & 

Borkoski, 2003). If workers care about those agreeable amenities, they should be willing to pay 
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for them by accepting lower pay (Mas & Pallais, 2016). Conversely, they would require a higher 

wage for jobs without such amenities, or if jobs have conflicts with the strong values and beliefs 

held by ideological workers (Ben-Ner et al., 2011; Frank, 1996).   

Both donative labor theory and compensating wage theory predict a negative outcome of 

the nonprofit wage differential. However, they are different in several aspects. Donative labor 

theory is built on altruistic and intrinsic motivation that working itself is a source of satisfaction, 

whereas compensating wage theory implies exchange and tradeoff between salary and working 

conditions, which is related to the extrinsic motivation. Therefore, donative labor theory based 

on altruism is more about individual characteristics, while compensating wage theory is 

contingent on the external monetary return and related to job characteristics. The distinction 

between intrinsic and extrinsic orientation leads to potential motivation sorting for jobs.   

Attenuated property rights.  

Economic analyses of property rights assume that top decision-makers have private 

property rights to the profits or surplus of the firm (Borjas, Frech, & Ginsburg, 1983), and “any 

reduction in the rights of the top decision-maker leads to attenuated property rights, … [and] the 

attenuation of property rights leads to higher costs” (p. 4).  Attenuated property rights theory is 

relevant to the nonprofit sector because of the non-distribution constraints. Nonprofit 

organizations are often exempt from property, sales, and corporate income taxes (Hansmann, 

1980, 1987). In return for the tax advantages, nonprofits are subject to the non-distribution 

constraints. Nonprofits are not allowed to distribute the profits or surplus among board members, 

managers, or staff, beyond a reasonable salary (Hansmann, 1980). Therefore, nonprofits do not 

have the incentive to reduce the cost by lowering salaries to workers. What is more, nonprofit 
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managers might derive utility in paying high wages to employees, such as enhanced loyalty and 

increased working efforts. 

Paying a higher salary is possible. Although the nonprofit corporation law prohibits 

distribution of profits, it is hard for the law to control unnecessarily high wages because the 

enforcement of non-distribution constraints is "placed exclusively in the hands of the state’s 

attorney general” (Hansmann, 1980, p. 873). Furthermore, the law might apply to top-earning 

management but not so much to the mid-or-low-rank staff since their salaries are not high 

enough to touch the ceiling. Therefore, nonprofit managers might choose to pay higher wages to 

employees (Preston, 1988) as a result of not being able to share the profits of the organization.    

Borjas et al. (1983) study the nursing home industry with four types of ownership: for-

profit, government, nonprofit-secular, church-related. For-profit organizations have private 

property rights and are allowed to make and distribute profits. The other three types are not 

allowed to distribute profits to managers. They find that the pay rate in government is 

significantly higher than for-profits, but the difference in pay between the nonprofits and for-

profits is not significant. The insignificance between for-profits and nonprofits remains true in 

three larger occupation groups in this industry: licensed practical nurses, registered nurses, aides 

and orderlies. Their finding of for-profit/government pay differential seems to support the 

attenuated property rights theory, but the result on for-profit/nonprofit pay differential does not 

support the theory. 

Preston (1988) studies the child-care industry with only nonprofit and for-profit service 

providers. Part of the industry is unregulated and owner-controlled, where small firms compete 

to provide services with low fixed costs and free entry. They are mostly for-profit organizations. 

The other part is regulated and manager-controlled with no ownership. They are mainly large 
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nonprofit organizations seeking federal funds, which impedes entry and competition in the 

industry. Preston (1988) finds that non-regulation and free competition leads to insignificant 

sectoral pay difference. By contrast, in the regulated branch, nonprofit workers earn 5 to 10 

percent higher than comparable for-profit workers. Preston (1988) argues that less competition 

and more barriers to entry of new firms lead nonprofit managers to pay higher wages.  However, 

Preston (1988) also mentions that the non-federally regulated is full of small private firms, and 

the regulated part has many large nonprofits. Studies show that large organizations pay more 

(Brown & Medoff, 1989; Krueger & Summers, 1988), and this potential relationship between 

size and pay is not excluded from the study.  

Mediating effects of service quality.  

No incentive to accumulate surplus does not necessarily mean that nonprofit managers 

will choose to pay higher salaries. They might use the surplus to increase service quality 

(Holtmann & Idson, 1993; King & Lewis, 2017). Nonprofits are often founded to provide 

collective goods or trust goods that clients have information disadvantage (Weisbrod, 1988).  

The non-distribution constraints reduce the incentive to cut corners of services (Hansmann, 

1987), which is a competitive advantage for nonprofits (Glaeser & Shleifer, 2001).  Glaeser and 

Shleifer (2001) argue that inferior quality services will bring “non-cash reputational cost” to 

nonprofits (p. 107). It is to the benefit of nonprofits to provide services of quality because 

services of better quality could not only retain the service prices and profits in the future but also 

protect the prestige of donors for the organization. 

Nonprofits’ pursuit of better quality services and value for serving the disadvantaged 

stand in sharp contrast with for-profit practices of cherry-picking and creaming the clients 

(Frumkin & Andre-Clark, 2000). In nursing home industries, Weisbrod (1988) find that 
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nonprofits have more service workers and fewer administrators than for-profit service providers. 

Even in ostensibly similar services, nonprofits might provide different clients services with 

subtle attributes such as "humanness" or "encouragement" (Weisbrod, 1988). Higher service 

quality could explain higher nonprofit pay (Holtmann & Idson, 1993; King & Lewis, 2017; 

Preston & Sacks, 2010) because higher-quality services may require staff with higher human 

capital. However, the difficulty in sufficiently controlling the service quality in an empirical 

analysis may inflate the estimate of the nonprofit pay differential. 

Efficiency wage hypothesis. 

Efficiency wage theory argues that firms pay above-market rate wages can save costs for 

firms (Akerlof, 1984; Fields & Wolff, 1995; Krueger & Summers, 1988; Thaler, 1989; Yellen, 

1984). The implication of efficiency wage theory on pay is related to the supervision of the 

production process and employees. When the production is easy to quantify and the product 

quality is easy to track, competitive wages based on piece-rate are the best way to measure the 

ability of workers (Borjas, 2007). Competitive wage happens when “firms pay a wage that is just 

sufficient to attract workers of the quality they desire and no higher” (Krueger & Summers, 

1988, p. 259). The more unmeasurable the product quality is, or the more difficult supervision is, 

the more likely firms will use efficiency wages to increase production and efficiency. If we 

conceive attenuated property rights as the feasibility of positive nonprofit pay differential, 

efficiency wage theory offers an explanation of motivation on the firm level.   

Four models explicate why it is to the firms’ benefit to pay non-competitive rents 

(Akerlof, 1984; Fields & Wolff, 1995). The first one is the shirking model. When service quality 

is hard to monitor, firms may choose to pay above-market rate wages to prevent workers from 

shirking. Sociological studies find that even the most elaborated division of labor, such as the 
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piecework machine shop, cannot guarantee productivity because supervision is always 

incomplete (Akerlof, 1984). The second model is the turnover model.  Excessive turnover might 

incur high costs of training, capacity building, recruiting and interrupted production. Efficiency 

wage on the industry level is associated with long tenure and low turnover rate (Krueger & 

Summers, 1988). The third model is the selection model. Firms can pay higher wages to attract 

more capable workers at the expense of profits. Preston (1988) regards recruiting over-qualified 

personnel as inefficiencies in the nonprofits. The fourth model, the fair wage model, is related to 

the equity theory from social psychology. Equity theory explains that people perceive a 

relationship to be fair and equitable if what they get is commensurate with what they contribute 

(Hatfield, Rapson, & Bensman, 2012). “Overpaid” workers might produce more because they 

might attempt to increase the quantity of production to match the overpaid part of the salary 

(Akerlof, 1984). Therefore, efficiency wage can raise worker’s effort level, induce loyalty, and 

minimize turnover, eventually increase productivity and reduce related costs (Akerlof, 1984; 

Krueger & Summers, 1988). 

The efficiency wage theory is also explained on the organization level. Efficiency wage 

was found to be positively related to the company size and negative related to the turnover rate 

(Krueger & Summers, 1988). Kruse (1992) concurs that adding human capital and occupations 

brings negligible change on the coefficient of establishment size in wage estimates, and he 

further excludes the explanation of the working condition. Numerous studies find that nonprofit 

executive pay is positively related to organization size measured as total revenue (Grasse, Davis, 

& Ihrke, 2014; Oster, 1998), total number of employees (Grasse et al., 2014), and total assets 

(Frumkin & Andre-Clark, 1999; Yan & Sloan, 2016). Larger organizations tend to pay more 

because larger organizations are more complex with more hierarchies, which makes it harder to 
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supervise the employee. The scale of the economy of large organizations might bring more 

operational efficiency so that they can afford to pay more (Grasse et al., 2014).  

Efficiency wage theory mirrors the shift from scientific management to human 

relationship management. To increase production, firms may choose to boost workers' morale by 

paying more rather than controlling them through close supervision. The use of an efficiency 

wage should not be uncommon because actual production in the real world is more likely to be a 

social process than a completely rational process. Since nonprofits generally provide services 

rather than products, and the quality of services is harder to measure than the quality of products, 

nonprofit workers are likely to benefit from the efficiency wage. Very few studies explore the 

efficiency wage theory in the nonprofit sector. The only study with peripheral relevance is Ito 

and Domian (1987) study of the symphony orchestras because they find that guaranteed pay is 

related to budget size, better team production, and reduced shirking. Other researchers also made 

similar conjectures that nonprofit managers might derive utility from paying employees higher 

salaries (Leete, 2001; Preston, 1988) when their finding of nonprofit wage differential is positive.  

Economy-wide.  

Most studies on nonprofit wage differential are based on discrete industries or 

occupations. Findings vary study by study, which suggests the industry effect or occupation 

effect on the nonprofit pay differential. In the frequently studied industries, including hospitals, 

social services, residential care, childcare, and nursing homes, studies find positive nonprofit 

wage differential (Ben-Ner et al., 2011; Leete, 2001; Preston, 1988; Ruhm & Borkoski, 2003). In 

other industries such as group homes, housing services, and vocational rehabilitation industries, 

nonprofits pay less than for-profits (Ben-Ner et al., 2011).   
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As a contrast to the inconclusive findings based on discrete industry or occupation 

studies, economy-wide (Hirsch et al., 2018; Leete, 2001; Ruhm & Borkoski, 2003) or multiple-

industry (Ben-Ner et al., 2011) studies conclude that the sectoral wage difference is not 

significant. Leete (2001) finds that nonprofit employees earn almost 1 percent less than 

comparable for-profit employees. The cross-sector pay differential is so small that the literature 

examining job switching between the for-profit and nonprofit sectors finds insignificant 

differential between the two sectors (Hirsch et al., 2018; Ruhm & Borkoski, 2003). The findings 

lead to the conclusion that it is a result of a competitive labor market (Ruhm & Borkoski, 2003).  

In the meantime, scholars are cautious about this general conclusion of pay parity. Ben-

Ner and associates (2011) note that nonprofits pay more in nursing homes and childcare centers 

than for-profits but pay less in group homes. Ruhm and Borkoski (2003) mark a nonprofit 

premium in five of the eight poorly-paid industries where nonprofit employment is concentrated. 

Leete (2001) acknowledges the findings from discrete industry and occupation studies and 

speculates that “the economy-wide finding here could represent an average of differentials that 

occur with different strengths and magnitudes across different occupations and industries” (p. 

156). Her following disaggregated industry analysis reveals that statistically significant 

differences occur in 34 of the 91 industries in her study. In the 34 industries, 9 of them have a 

positive nonprofit differential. 

Despite acknowledging the significance of industrial level differences (Ben-Ner et al., 

2011; Leete, 2000; Oster, 1998), few studies attempted to explicitly model the reason for such 

variation. Jones (2015) tries to reconcile these inconsistencies in findings based on discrete 

industry studies by proposing a supply and demand mechanism of the donative labor. He argues 

that 
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as long as there are enough motivated workers to meet their labor demands, nonprofits 

can minimize costs by offering a low wage (thereby, only attracting motivated 

applicants). However, if nonprofit labor demand is high relative to for-profit firms, the 

nonprofit cannot rely on motivated workers alone to fill their demand and must offer 

wages comparable to that of for-profits in order to attract standard workers. (p. 2) 

The supply and demand mechanisms determine that nonprofits will not pay higher than 

for-profits because nonprofits pay either lower when the supply of motivated worker is above the 

demand, or just equal as for-profits when the supply is lower than the demand. Then nonprofits 

compete with for-profits for standard workers. Therefore, it cannot explain why nonprofit-

dominant industries such as the childcare industry pay more than for-profits. Furthermore, 

Jones's (2015) operationalization of the market share based on the industry/locality-specific 

nonprofit shares of labor assumes that there is no mobility of workers across locality and 

industries, which goes against the assumption of free labor mobility in the market mechanism.    

Summary  

While studies focusing on discrete industries or occupations make important 

contributions to our understanding of the nonprofit wage differential, the isolation of industry 

and occupation makes it impossible to understand the integral context where nonprofit wage 

differential happens. As Lewis (2010) correctly states, “industry and occupation are the most 

important predictors of nonprofit employment, followed by location” (p. 20). The economy-wide 

studies include industries and occupations, but industries and occupations are treated as invariant 

to the nonprofit wage differential.   

Aggregating effects from different sources lead to a sweeping conclusion of cross-sector 

pay parity, which inappropriately simplifies the nonprofit sector as homogeneous and overlooks 
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that the nonprofit sector is hugely diverse and expansive in industries, that universities are 

different from daycare centers and homeless shelters, and that some nonprofits are self-help 

groups while others are public charities. After controlling human capital, unmeasured worker 

characteristics (through fixed effects models), and a variety of job characteristics such as weekly 

hours, hazard, work shift, commuting time (which aim to exclude compensating wage 

explanation),  Krueger and Summers (1988) find significant and substantial dispersion of wage 

across industries. Specifically, they find that industries that pay one occupation higher than other 

industries also tend to pay other occupations higher than other industries, which consolidates the 

industry-specific effect on wages. Citing an earlier source, Krueger and Summers (1988) concur 

that "industry and geographic variables are significant in individual earnings functions... This 

significance, itself, constitutes a deviation from the norms of a competitive market" (p. 262). 

2.2 Why industry matters 

An industry is “a group of firms producing products that are close substitutes for one 

another” (Forbes & Kirsch, 2011, p. 591). DiMaggio and Powell (1983) highlight that using 

industry as the unit of analysis shifts the focus of analysis from competing firms or interacting 

networks to “the totality of relevant actors” (p. 148). Within the industry, firms share suppliers, 

resources, consumers, and regulatory agencies, which form the environment constraining all 

organizations within the industry. Organizations within industry categories are similar with 

production techniques and technologies. "Similar organizations may provide resources to each 

other and develop mutual dependencies of long duration" (Child & Aldrich, 1988, p. 15). The 

feedback from the same pool of clients pushes organizations to imitate the leaders. 

Organizational actors within the industry adopt mainstream practices for reasons of legitimacy or 

performance improvement (Meyer & Rowan, 1977). Within-industry similarities suggest 
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between-industry differences. Industries are different in aspects of regulatory requirements, 

barriers to entry, capital intensity, production technologies, consumers, profitability level, the 

intensity of competition (Ben-Ner et al., 2011; Preston, 1988).  

Differences between industries dominated by nonprofits and for-profits. Economy-wide, 

most industries have both for-profit and nonprofit firms and employers, with varying 

composition proportion of the two sectors (Hirsch et al., 2018; Ruhm & Borkoski, 2003). 

Nonprofit organizations tend to provide goods with the collective attribute (Ben-Ner & 

Hoomissen, 1992) “because of the legal restrictions guiding them, [nonprofits] generally will 

provide a good whose benefits are more heavily weighted towards social benefits” (Preston, 

1989, p. 440). Thus, industries dominated by nonprofits also tend to provide collective goods 

with positive social externalities, such as public radio and public health (Chang & Tuckman, 

1996; Fischer, Wilsker, & Young, 2011). By contrast, industries dominated by the for-profit 

firms tend to provide goods that are of more private nature, more excludable, and easier to 

commercialize than products of nonprofit dominated industries.  

Evidence below suggests that using sector composition to characterize industries is valid. 

With no reported information of nonprofits, Preston (1989) had to use industry composition to 

infer nonprofit status for workers. Leete (2001) checked the reliability of inferred nonprofit 

status from industry information, and she confirmed that “Preston’s constructed variable for 

nonprofit status does not perform too differently from the status of nonprofit workers as reported 

on the PUMS” (p.150).  

Implications of the nature of the goods on revenue sources. Nonprofits generate revenue 

from multiple sources. Contrary to the general perception that nonprofits rely on donative 

revenue, revenue from philanthropy only accounts for 9 percent of total revenue in nonprofits, 
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whereas revenue from government comprises 35 percent, and the remaining 56 percent is from 

fees and charges (Salamon, 2015). The revenue streams are related to the nature of services 

nonprofits provide (Fischer et al., 2011; Wilsker & Young, 2010; Young, 2017). Organizations 

providing “private” services, where the benefits accrue to identifiable individuals, such as 

nursing homes, are more likely to earn income from fees and service charges (Fischer et al., 

2011). Nonprofits providing “public” services, such as public health, are more likely to rely on 

donations. Based on the composition of revenue sources, nonprofits have a different degree of 

publicness on the spectrum of the collectiveness index (Fischer et al., 2011; Weisbrod, 1988; 

Young, 2017).   

Implications of revenue sources on nonprofit salary. Nonprofit organizations are 

dependent on resource suppliers for survival. The degree of dependence is determined by the 

importance and concentration of the resource streams (Froelich, 1999; Pfeffer & Salancik, 1978). 

Organizations relying on donative funding are susceptible to donor and social expectations 

(Carman, 2011). Donors expect their donations to be used for augmented social benefits rather 

than high salaries for employees (Carman, 2011). Nonprofits relying on contributions and 

donations are more likely to report a lower ratio of management (including salary) expenses to 

the total expense (Cordes & Weisbrod, 1998). 

In contrast to donative nonprofits, nonprofits relying on commercial revenue earn income 

from individual clients or consumers based on provided services, which shifts the locus of 

control from several major donors to very diffused individuals (Froelich, 1999; Frumkin & 

Keating, 2010). Furthermore, these nonprofits may have more abilities and opportunities to 

generate revenue from different sources. Thus, commercialized nonprofits have greater 

autonomy and flexibility to decide the use and allocation of their revenues. Guo (2006) reports 
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that nonprofit managers with more commercial revenue have the ability to increase pay to attract 

and retain qualified staff. 

Industries and Commercialism in Nonprofits.  

Nonprofits commercialize if they decide to “produce goods or services with the explicit 

intent of earning a profit” (Tuckman, 1998, p. 26). Underlying reasons are multifold (Cortis, 

2017; Guo, 2006; James, 1998; Salamon, 2015). One reason is the “financial squeeze,” where 

governments cut funding for nonprofits as a response to the conservative ideology to boost the 

volunteerism of nonprofits (Salamon, 1993, 1999, 2015). The second reason is that the 

government transferred funding mechanisms from producer subsidies to consumer subsidies, 

such as tax expenditures and vouchers, so that clients can choose between for-profit or nonprofit 

service providers (Salamon, 2015). As a result, nonprofit service providers have to engage in 

market behaviors in order to compete for clients. The third reason is that with more involvement 

of the for-profit sector in government contracts, nonprofits need to compete with for-profits and 

learn how to market their services (Salamon, 2015). The above reasons indicate that nonprofits 

commercialize to respond to the changing environment and reduced donative revenue, to cross-

subsidize their services, and to enhance financial sustainability. Additionally, studies on 

universities suggest that organizations might also commercialize to exploit the funding 

opportunities rather than responding to the scarcity of resources (Powell & Owen-Smith, 1998), 

or a result of a long-time effect of external pressure and environmental influence (Foster & 

Bradach, 2005; Kerlin & Pollak, 2011).   

James (1998) defines commercialism as "the degree of reliance on sales revenue rather 

than donations or government grants" (p. 27). Based on the definition, industries dominated by 

for-profits are more commercialized than industries dominated by nonprofits from the 
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perspective of sources of revenue. Surprisingly, A Dictionary of Nonprofit Terms & Concepts 

published in 2006 does not include commercialism. Instead, it introduces commercialization as a 

process for generating commercial revenue and as a process of competition between for-profits 

and nonprofits (Smith, Stebbins, & Dover, 2006).  

As a comparison, other dictionary definitions of commercialism emphasize the attitude 

and intent toward profit-making. Commercialism is defined neutrally as "commercial spirit, 

institutions, or methods" by the Merriam-Webster dictionary, or it is “an attitude or philosophy 

devoted to supplying goods and services and make profits.”1 Collins dictionary defines it with a 

pejorative sense as "the practice of making a lot of money from things without caring about the 

quality." Cambridge dictionary defines it as "principles and activities of commerce, especially 

those connected with profit rather than quality or doing good."  

These definitions echo Grønbjerg (2001)’s lament that the overreliance on effectiveness 

and efficiency forces nonprofits “to downplay their traditional pride in quality of services (the 

argument for why they should be preferred service providers) and good faith efforts (the 

explanation for what they were paid) in favor of market-like behavior” (p. 293). The differences 

in the definitions between the intent and the revenue have implications on the operationalization 

of the concept of commercialism. An organization has to have an intention to commercialize 

before it starts the process of commercialization to generate commercial revenue. In this sense, 

the intent to commercialize should be the antecedent of the commercial revenue.  

The way for nonprofits to commercialize is to adopt a commercialism ideology and for-

profit business management strategies (Tuckman, 1998) through embracing efficiency and cost-

                                                           
1 https://www.vocabulary.com/dictionary/commercialism 
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benefits mentality (Froelich, 1999). The intent and strategy of commercialism bring fundamental 

changes to nonprofit organizations’ operations and practices. Powell and Owen-Smith (1998) 

explain that universities engaging in commercialized Research & Development made 

institutional arrangements to facilitate external linkages and internal administration. The 

increased hierarchy and bureaucracy of nonprofit organizations as a result of commercialism go 

against the “soul” of America’s nonprofit sector (Salamon, 2015, p. 1) by compromising the 

democracy and equity values traditional nonprofits embrace.  

The resultant changes from commercialism also manifest in human resource practices. 

Commercialized nonprofits are more instrumental and purposive and have stronger convictions 

for managerialism and professionalism (Hwang & Powell, 2009; Maier et al., 2016). Hwang and 

Powell (2009) note a decline in professionals in substantive fields (such as lawyers and doctors) 

and an increase in management professionals with administrative expertise as nonprofit 

organizations get more rationalized or commercialized. Other researchers concur that arts 

organizations favor professional managers over technical experts even though those managers 

know little about art forms, an example cited by Froelich (1999).  

Unlike professionals in substantive disciplinary areas such as lawyers, social workers, or 

medical doctors who align themselves with normative orthodoxy and who are less affected by 

environmental pressures, managerial professionals are more vigilant to environmental changes. 

DiMaggio and Powell (1983) have discussed the crucial role of managerial professionals in 

disseminating the norms and standards that eventually lead to isomorphic structures and practices 

of organizations. They use their widely applicable organizational intelligence to rationalize the 

organization through socialization and diffusion (Hwang & Powell, 2009). The more managerial 

professionals diffuse the management practice and industry standards through their mobility 
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among different organizations (Hwang & Powell, 2009), the more likely an isomorphic result 

occurs: organizations within the same industry are similar in practices and organization 

structures (DiMaggio & Powell, 1983). 

Accompanying the managerialism in commercialized nonprofits is professionalization 

through replacing volunteers with full-time staff (Maier et al., 2016). Over-professionalization is 

detrimental to the nonprofit sector because it implies “alienating people from the helping 

relationships they could establish with their neighbors and kin … by redefining basic human 

needs as ‘problems’ that only professionals can resolve” (Salamon, 1999, p. 13).  

2.3 Why occupation matters  

As a classifier for jobs, occupations reflect ability and skill attainment, earning levels, 

and socioeconomic status. The distinction of occupations makes it an interesting area in pay 

studies, such as lawyers (Weisbrod, 1983), registered nurses (King & Lewis, 2017), or 

occupation pay comparison studies (Lewis, 2018). Occupations have different structures and 

conditions, including hazards, union status, and environmental amenities (Macpherson & Hirsch, 

1995). Nonprofit jobs spread across most occupations but ten of them, including clergy, social 

service managers, health technicians, and educators, account for the majority of the nonprofit 

employment (Addison, Ozturk, & Wang, 2018; Hirsch et al., 2018; Ruhm & Borkoski, 2003).   

Scholars examined the cross-sector wage differential caused by occupations. Production, 

maintenance, and material moving workers tend to concentrate on for-profit organizations 

(Bishow & Monaco, 2016). In contrast, nonprofits employ more managers, professionals, service 

workers, and female workers (Bishow & Monaco, 2016). Controlling for these occupational 

characteristics in the nonprofit sector, studies reveal less dispersion in cross-sectoral pay 

differential (Leete, 2000; Preston, 1990b).  Particularly, nonprofit wage structure has more 
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gender pay parity, lower racial discrimination, lower gay-straight pay differences, and more 

wage equity between ranks than for-profit firms (Faulk et al., 2012; Hallock, 2002; Hirsch et al., 

2018; Leete, 2000, 2006; Lewis, 2010; Preston, 1989; Ruhm & Borkoski, 2003).  

Nonetheless, women earn less than men in both the nonprofit and for-profit sectors 

(Lanfranchi & Narcy, 2015; Leete, 2001; Macpherson & Hirsch, 1995; Preston, 1990). The 

gender pay gap gets wider with persistent “Glass Ceiling” that Gibelman (2000) defines as 

“transparent but real barriers, based on discriminatory attitudes or organizational bias, that 

impede or prevent qualified individuals, including (but not limited to) women, racial and ethnic 

minorities, and disabled persons, from advancing into management positions” (p. 251). 

Glass ceiling hides the discriminatory nature of pay because, for instance, the gender pay 

gap may appear to be caused by the difference in positions. Sampson and Moore (2008) 

document a persistent male pay advantage due to the "glass ceiling": senior management 

positions are predominantly owned by men, "women account for 47 percent of U.S. workforce 

and less than 8 percent of its top managers." Even in similar senior management positions, 

female managers earned 72 percent of male managers' salaries in 2005. Furthermore, the gender 

pay gap is larger for older workers than for younger employees (Sampson & Moore, 2008). 

The nonprofit sector experiences the same situation. In the study of fundraising 

professionals in Northeast, Sampson and Moore (2008) find that women dominate a large 

number of low-paying jobs, women earn less in the same position, fewer women get pension 

plans than men, women tend to work for smaller organizations who generally pay less than larger 

organizations, more women take their time off from the career than men mainly for reasons of 

childcare, and women are less likely to be promoted to senior managers.  
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Figure 14. Random effects of nonprofit pay differential on the industry level 
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On the industry level, the random intercepts (left panel in Figure 14) is the residual 

variability of the industry wage. They show how much each industry deviates from the constant 

(10.673) in the model. The random slopes (right panel on Figure 14) are the differences in 

sectoral pay differential on the industry level, holding constant the occupation effect. It indicates 

how much each industry deviates from the fixed coefficient for nonprofit (-0.057).  

The public utility industry (2210) has the highest industry-level pay. The predicted 

annual earning for an average white male for-profit worker in the public utility industry is 10.973 

(10.673+0.3) (Appendix D), net of occupation and state effects.  Nonprofits have an industry 

disadvantage of negative 5.4 percent in this industry. Together with the donative labor effects, a 

nonprofit worker earns 11 percent less than a comparable for-profit worker in this industry, 

conditional on occupation pay differences.  

Child daycare services (6244) is the lowest-paying industry. An average white male for-

profit worker in this industry is expected to earn 10.413 (10.673-0.26), net of occupation and 

state effects.  Nonprofit has 8 percent industry advantage in child daycare services. A nonprofit 

worker is expected to earn 2.3 percent (-0.057+0.08) more than a for-profit worker in this 

industry, conditional on occupation pay differences.  

The following industries have the largest industry disadvantage for nonprofits: religious 

film and video (5121) with 20 percent less than the for-profit, crime prevention (5411) with 

negative 19 percent, libraries and archives (5141) with negative 15 percent, performing arts and 

spectator sports (7110) and radio and television broadcasting (5131) with negative 13 percent. 

These are industry disadvantages in addition to the negative 5.7 percent donative labor effect, 

excluding the occupation effect.  
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On the other end, the following industries have the largest industry advantage in pay for 

nonprofits: college and universities (6112) and hospitals (6220) over 10 percent industry 

advantage for nonprofits; insurance providers (5241), rehabilitative care (6213), elementary and 

secondary schools (6111), daycare centers (6244), and museums and art galleries (7121) have 

over 8 percent. These are industry advantages in addition to a negative 5.7 percent donative labor 

effect, excluding the occupation effect. 

Random effects of nonprofit on the occupation level. 

The variance of the random intercept on the occupation level is 0.052737, and the 

variance of the nonprofit random slope is 0.005739 (Model 9). The left panel on Figure (15) 

shows how much the occupation wage deviates from the constant, holding constant all variables, 

industry and state effects. The right panel shows the sectoral pay differential on the occupation 

level, controlling for the industry effect. 

In detail, around 70 occupations have almost no sectoral pay difference (-0.01 to 0.01), 

and 206 occupations have the nonprofit wage differential between -0.05 and 0.05 in addition to 

the fixed coefficient of -0.057, net of the industry effect. There are several outliers. The 

occupation with the largest occupation advantage for nonprofit workers is musicians or 

composers (occupation code:186). Musicians have a 27 percent occupation pay advantage for 

nonprofits over for-profits. Adding altruistic motivation effect and occupation advantage 

together, nonprofit musicians earn 21.3 (27-5.7) more than comparable for-profit musicians, 

conditional on the industry effects.   
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Figure 15. Random effects of nonprofit pay differential on the occupation level 
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Following musicians are bank tellers (383) and dentists (85) with 23 percent, taxi cab 

drivers and chauffeurs (809) with 16 percent, supervisors of cleaning and building (448) and 

ushers (502) with 12 percent occupation advantage for nonprofits. The five occupations with 

largest occupation pay disadvantages for nonprofits are lawyers (178) and financial services sales 

occupations (255) with 22 percent, actors, directors and producers (187) with 19 percent, 

business and promotion agents (34) with 17 percent, airplane pilots and navigators (226) with 14 

percent less than for-profits. Taking lawyers as an example, adding their altruism motivation 

effect to the occupational disadvantage, nonprofit lawyers earn 28 percent less than for-profit 

lawyers, conditional on industry effects. 

Occupation disadvantage for nonprofits does not necessarily mean it is a low-paying 

occupation. Due to the extensive list of occupations, I selected occupations at both ends (Table 

14) to illustrate. Although lawyers (occupation code 178) have the extreme occupation 

disadvantage for nonprofits, the lawyer occupation is one of the highest-paying occupations. The 

lawyer occupation enjoys a pay of 55 percentage points above the grand mean, which is 

equivalent to 11.22 (=10.673+0.55) per year for a white male average for-profit lawyer, net of 

industry and state effects, and a comparable nonprofit lawyer is expected to earn 28 percent (-

0.2231-0.057) less.  

Table 14. Nonprofit random effects on selected occupations 

OCC1990 Occupation title Intercept Nonprofit difference 

4 Chief executives and public administrator 0.7899 -0.0495 

34 Business and promotion agents 0.2353 -0.1637 

84 Physicians 0.7344 -0.0480 

85 Dentists 0.3956 0.2283 

96 Pharmacists 0.6509 -0.0089 

87 Optometrists 0.6498 -0.0628 

66 Actuaries 0.6284 -0.0789 
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88 Podiatrists 0.5718 -0.0973 

178 Lawyers 0.5477 -0.2213 

187 Actors, directors, producers 0.1759 -0.1846 

226 Airplane pilots and navigators 0.4076 -0.1422 

255 Financial services sales occupations 0.3987 -0.2188 

186 Musician or composer -0.0044 0.2678 

383 Bank tellers -0.3397 0.2294 

448 Supervisors of cleaning and building service -0.0574 0.1224 

809 Taxicab drivers and chauffeurs -0.5859 0.1579 

 

On the contrary, taxi cab drivers (809) enjoy a considerable occupation advantage for 

nonprofits, but it is the lowest-paying occupation. As an occupation, taxi drivers earn 59 

percentage points below the average (constant) per year, net of industry and state effects. A 

nonprofit taxi driver earns 10.2 percent (0.1579-0.057) more than a comparable for-profit taxi 

cab driver. The highest-paying occupations include chief executives and public administrators 

(4), physicians (84), dentists (85), and pharmacists (96). It is common to see nonprofits to have 

occupation advantages in low-paying occupations and occupation disadvantages in high-paying 

occupations, although there are exceptions such as dentists.  

Nonprofit random effects inventory. 

The nonprofit wage differential varies across industries and occupations. Among all the 

nonprofit workers, although they all work for nonprofits, how much more they earn than 

comparable for-profit workers depends on the industry and the occupation they work for. The 

total nonprofit pay differential is the sum of donative labor effects and industry and occupation 

differences. Mathematically, it is reflected in the equation 𝛽1(𝑗1,𝑗2,𝑗3) = 𝛾1000 + 𝑟1(𝑗1) + 𝑟1(𝑗2). 

Random effects of the nonprofit pay differential are the residuals on industry and occupation 

levels of the nonprofit fixed coefficient, net of other effects such as gender, race, education, and 

state. Cross-classified multilevel modeling estimates the effect of industry and occupation 
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separately without the confounding effect of the other, which means the modeling process 

produces an exhaustive inventory of nonprofit wage differentials. We can thus compute the 

nonprofit wage differential for each industry and occupation or each combination of industry and 

occupation. Appendices D and E provide detailed information.  

I illustrate how it works using a coordinate system (Figure 16) with selected industries 

and occupations. Studies find that registered nurses are paid equally or slightly better in the 

nonprofit sector than in the for-profit. King and Lewis (2017) find a 3.9 percent premium for 

nonprofit registered nurses with all industries combined. Holtmann and Idson (1993) study the 

registered nurse in the nursing facility industry to find a 3 percent nonprofit advantage. The top 

three industries for registered nurses in the dissertation data are hospitals (6220), nursing 

facilities (6231), and insurance providers (5241). They make up 83% of the total registered nurse 

occupation. Locating in Figure 16, the industry advantages for these three industries are 0.102, 

0.052, and 0.087, respectively, which means the final differences in pay for nonprofit registered 

nurses are 4 percent in hospitals, negative 1 percent for nursing care facilities, and 2.4 percent for 

insurance providers industries. These results include the -5.7 percent donative labor effects.   

Managers in nonprofits get a pay lower than for-profit by 5 to 20 percent (Preston, 1989; 

Roomkin & Weisbrod, 1999). Figure (16) shows a 5 percent for a specific type of managers, 

CEOs and public administrators. The occupation disadvantage for nonprofits in addition to -5.7 

percent donative labor effect, adding to a pay 10.7 percent lower than the for-profit managers. 

Lawyers earn 20% less (Weisbrod, 1983) or more than 40% less (Frank, 1996) in nonprofits than 

in for-profits. Figure (16) shows a negative 22 percent occupation wage difference for nonprofit 

lawyers in addition to -5.7 percent donative labor effect, which is close to 30 percent lower than 

comparable for-profit lawyers.  
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Figure 16. Coordinates of nonprofit wage differential across industries and occupations 
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In terms of industry, Preston (1988) finds a 0-10 percent nonprofit pay advantage in the 

daycare industry. In my dataset, under the child daycare industry, there are 151 occupation 

groups. Top three occupations: kindergarten and earlier school teachers, childcare workers, and 

managers in education and related field, make up 80 percent of the total employment under the 

childcare industry. The occupation differentials for the three occupations are 1.23, 3.35, and 2.29 

percent, respectively. In the Figure, nonprofits have an 8.4 percent industry advantage. Adding to 

the donative labor effect, the nonprofit wage differentials for these three occupations in child 

daycare centers are 4 percent, 6 percent, and 5 percent, respectively.  

The model analyzes the economy-wide data that include all industries and occupations 

and produces results consistent with previous research findings based on discrete industries or 

occupations. Therefore, the model reveals the complex structure of nonprofit wage differential, 

as well as provides a nuanced explanation of the seemingly contradictory and mixed findings in 

prevailing researches.    
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5.5 Hypotheses Testing: Measures 2-4 from SOI data 

Commercialism has effects on pay and nonprofit pay differential because its focus on 

efficiency and cost minimization leads to changes in the work environment and behaviors of 

organizations. Measure 1, derived from frequencies of for-profit workers from the dataset, shows 

as a compositional effect. As a contrast, measures 2-4, the percentage of commercial revenue and 

percentage of program service revenue (Child, 2010; Foster & Bradach, 2005; Kerlin & Pollak, 

2011), and inversed fundraising efforts are integral variables substantively describing the 

industry features. 

These measures are computed solely based on IRS filing by nonprofit organizations. I 

only keep nonprofit workers in the dataset, yielding a sample with 664,646 observations in the 

same number of 308 occupations, 38 industries, and 51 states. Accordingly, I deleted the 

nonprofit variable. Therefore, there is no need to examine the random effects of the sectoral pay 

differential on the industry and occupation levels.  

The unconditional model shows a slightly higher variability on the Level-2 than the full 

dataset. The industry level explains 7.4 percent of the total variance and occupation level 

explains 31 percent, compared with 7.3 percent by industry and 28 percent by occupation in the 

full dataset, respectively. The state-level variance remains less than 3 percent.  

Table (15) is the descriptive statistics for centered variables (except for the dependent 

variable) in the nonprofit dataset. Commercial revenue and program service revenue make up 

more than 90 percent of the total revenue in these industries. Compared with them, the range of 

fundraising expense percentage is a lot smaller.  
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Table 15. Summary for the nonprofit dataset (Total observations: 664,646) 

VARIABLES Mean  min max Std. Dev. 

Natural log of annual income 10.83 8.00 13.56 0.63 

Female percentage by occupation 0.68 0.00 1.00 0.22 

Female  0.68 0.00 1.00 0.46 

Years of education 15.47 0.00 20.00 2.45 

Latino  0.06 0.00 1.00 0.24 

White  0.80 0.00 1.00 0.40 

Black  0.08 0.00 1.00 0.27 

Asian  0.05 0.00 1.00 0.21 

Other races 0.02 0.00 1.00 0.14 

Manager 0.16 0.00 1.00 0.36 

White-collar worker 0.70 0.00 1.00 0.46 

Blue-collar worker 0.14 0.00 1.00 0.35 

Work hours 43.20 35.00 99.00 7.74 

Work experience  22.74 -5.00 59.00 11.70 

English speaking level (1-4) 3.97 1.00 4.00 0.21 

Percentage of fundraising expense 0.01 0.00 0.09 0.01 

Percentage of commercial revenue 0.81 0.27 1.21 0.17 

Percentage of program service revenue  0.76 0.01 0.94 0.20 

Volunteer total by industry (log) 13.47 1.95 15.88 2.53 

Trend of fundraising expense percentage 0.17 -1.66 2.00 0.51 

 

 

The correlation for all four measures (Table 4) shows that correlations of the dependent 

variable with the percentages of commercial revenue and program service revenue are very 

weak. Fundraising expense percentage measures the commitment of not engaging in a 

commercial approach. Despite its small range, it has a larger and negative relationship with 

annual income than the other two measures. Surprisingly, the natural log of volunteer total is 
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positively related to the annual income of full-time nonprofit workers. All three measures are 

industry aggregate percentages from 2000 to 2012, and volunteer data are industry aggregate 

from 2008 to 2012 due to data availability.   

I tested these measures with the full set of variables (Table 16). The results show that the 

percentages of commercial revenue and program service revenue are positive but not significant. 

The fundraising efforts measure is the total fundraising expense in 13 years, divided by total 

expense. To consider the potential trend of fundraising efforts, I generated a trend variable34 in 

the models. The fundraising effort is negatively related to the outcome variable. As the 

percentage of fundraising expense increases by 1 percentage points, salary is estimated to reduce 

by 3 percent (Model S3). Considering the range of the measure is around 9 percentage points 

(Table 15), the difference in the highest and lowest industry pay is less than 30%. It shows that 

traditional nonprofits that rely on donative funding pay less than commercialized nonprofits that 

engage less in fundraising activities. The result aligns with my earlier argument that revenue 

percentages measure the results of commercialization, whereas fundraising efforts measure the 

intention to commercialize that determines organizations’ subsequent behaviors. In the following 

models, I only used fundraising efforts as the key independent variable. 

I also attach Model (9) in the full dataset in column 4 as a comparison. Female 

percentage by occupation reduces salary by 0.1 percent, but it is not significant in the full 

dataset. The effect of work hours is lower in the nonprofit sector than the full dataset. The return 

on education is 0.8 percentage points higher than the data for both sectors. The gender and racial 

equity are obvious in nonprofit workers. The gender pay gap is narrower by 6 percentage points 

                                                           
34 (𝑓𝑛𝑑𝑟𝑠_𝑒𝑓𝑓2012 −  𝑓𝑛𝑑𝑟𝑠_𝑒𝑓𝑓2000)/(

𝑓𝑛𝑑𝑟𝑠_𝑒𝑓𝑓2000+𝑓𝑛𝑑𝑟𝑠_𝑒𝑓𝑓2012

2
) 
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than the full dataset. All racial groups have a smaller pay difference in pay than Whites, 

compared with the full data. The natural log of the volunteer total by industry is not significant in 

all models.  

 

Table 16. Test of measures and testing Hypothesis 2  

 Natural log of annual income 

 (S1) (S2) (S3) (9) 

Percentage of commercial revenue 0.001    

 (1.318)    

Percentage of PSR  0.001   

  (1.432)   

Percentage of fundraising expense   -0.030***  

   (-2.897)  

For-profit share of workers    0.003*** 

    (3.522) 

Female percentage by occupation -0.001** -0.001** -0.001** -0.001 

 (-2.508) (-2.508) (-2.507) (-1.451) 

Volunteer total by industry (log) -0.009 -0.009 -0.006  

 (-1.425) (-1.441) (-0.920)  

Nonprofit     -0.057*** 

    (-3.893) 

Female  -0.133*** -0.133*** -0.133*** -0.185*** 

 (-105.864) (-105.865) (-105.866) (-272.933) 

Black  -0.044*** -0.044*** -0.044*** -0.093*** 

 (-22.340) (-22.340) (-22.344) (-90.402) 

Asian  -0.015*** -0.015*** -0.015*** -0.029*** 

 (-5.714) (-5.714) (-5.715) (-21.799) 
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Latino  -0.014*** -0.014*** -0.014*** -0.063*** 

 (-6.015) (-6.015) (-6.019) (-57.061) 

Other races  -0.036*** -0.036*** -0.036*** -0.066*** 

 (-9.500) (-9.500) (-9.501) (-32.353) 

Years of education 0.081*** 0.081*** 0.081*** 0.073*** 

 (266.078) (266.077) (266.084) (468.674) 

Work experience  0.010*** 0.010*** 0.010*** 0.011*** 

 (218.369) (218.370) (218.366) (449.153) 

Work experience squared -0.048*** -0.048*** -0.048*** -0.053*** 

 (-125.040) (-125.040) (-125.039) (-266.867) 

Work hours per week 0.008*** 0.008*** 0.008*** 0.013*** 

 (107.678) (107.678) (107.681) (342.442) 

Speak English  0.052*** 0.052*** 0.052*** 0.045*** 

 (20.379) (20.378) (20.383) (44.654) 

Trend of fundraising percentage   0.011  

   (0.439)  

Constant 10.671*** 10.671*** 10.671*** 10.673*** 

 (363.516) (364.423) (379.819) (374.288) 

Random coefficients  No  No  No  Yes  

Observations 664,646 664,646 664,646 3,017,110 

Akaike Inf. Crit. 718,560 718,560 718,556 4,066,108 

Bayesian Inf. Crit. 718,765 718,765 718,7723 4,066,393 

Note: *p**p***p<0.01 

 

 

With no random coefficient, the models are simpler. I only used fundraising effort 

measure to test of Hypothesis 4 on manager-staff pay equity and Hypothesis 5 on gender pay 

equity (Table 17). Findings are consistent with the previous models. Managers earn 46 percent 
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more than blue-collar workers (Model S4). Nonprofits engaging in more fundraising have a 

narrower occupation pay gap, which is not big but significant (Model S5). It shows that the 

choice of reliance on donative revenue or commercial revenue does have an impact on pay to 

nonprofit workers.  

 

Table 17. Modeling commercialism effects on the gender pay gap and manager-staff pay gap  

 Natural log of annual income 

 (S4) (S5) (S6) 

Percentage of fundraising expense -0.031*** -0.028*** -0.030*** 

 (-2.906) (-2.628) (-2.877) 

Manager  0.233*** 0.227***  

 (3.800) (3.694)  

Blue-collar worker -0.223*** -0.218***  

 (-8.128) (-7.925)  

Female percentage by occupation -0.003*** -0.003*** -0.001** 

 (-6.826) (-6.777) (-2.504) 

Volunteer total by industry (log) -0.006 -0.006 -0.006 

 (-0.916) (-0.941) (-0.917) 

Female -0.133*** -0.133*** -0.132*** 

 (-105.878) (-106.138) (-100.535) 

Black  -0.044*** -0.044*** -0.044*** 

 (-22.333) (-22.272) (-22.321) 

Asian  -0.015*** -0.015*** -0.015*** 

 (-5.714) (-5.711) (-5.735) 

Latino  -0.014*** -0.014*** -0.014*** 

 (-6.017) (-5.979) (-6.038) 
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Other races  -0.036*** -0.036*** -0.036*** 

 (-9.503) (-9.474) (-9.503) 

Years of education 0.081*** 0.081*** 0.081*** 

 (265.943) (266.137) (265.946) 

Work experience  0.010*** 0.010*** 0.010*** 

 (218.365) (218.349) (218.366) 

Work experience squared -0.048*** -0.048*** -0.048*** 

 (-125.038) (-125.065) (-125.048) 

Work hours per week 0.008*** 0.008*** 0.008*** 

 (107.666) (107.734) (107.717) 

Trend of fundraising percentage  0.011 0.011 0.011 

 (0.439) (0.434) (0.444) 

Speak English 0.052*** 0.052*** 0.052*** 

 (20.364) (20.279) (20.391) 

Percentage of fundraising expense × manager   -0.014***  

  (-10.280)  

Percentage of fundraising expense × blue-collar  0.009***  

  (6.098)  

Percentage of fundraising expense × female   0.003*** 

   (3.058) 

Constant 10.738*** 10.739*** 10.671*** 

 (382.194) (381.256) (379.968) 

Observations 664,646 664,646 664,646 

Akaike Inf. Crit. 718,489 718,319 718,561 

Bayesian Inf. Crit. 718,729 718,581 718,789 

Note: *p**p***p<0.01 
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Model (S6) shows that in nonprofits that engage in less commercial approaches, the 

gender pay gap is narrower, although the size is not large. Therefore, both datasets show that 

either measured as the compositional effect or the contextual effect, commercialism increases 

pay and also increase pay gaps between genders and occupation types. 

5.6 Sensitivity Analysis 

To check the robustness and consistency of the estimates, I add different structures on 

Level-2 to compare the fixed effects of the nonprofit coefficient. Then, I use different subsets of 

the full data to run four selected models to check the consistency of the nonprofit coefficient.   

Different level-2 structures.  

In Table 18, Model (9) is the model I used for results in the dissertation. Model (T1) 

considers nonprofit wage differential also randomly varies on the state level in addition to 

industry and occupation levels. It reports a 4.7 percent negative nonprofit wage differential, 

reducing the size of nonprofit fixed effects by 1 percentage points.   

Leete (2001) argues that nonprofit status, industry, occupation cannot be independently 

determined. Therefore, I created Model (T2) by adding an interaction term between industries 

and occupations as a control. It generates 38 industries, 308 occupations, 7,872 industry-

occupation cells, and 51 states on Level-2.  In Model (T3), nonprofit is specified to vary across 

the interaction cells. The effects of the interaction cells are rather small, similar to Leete's (2001) 

conclusion. The coefficient for nonprofit remains to be robust to these changes. Even the strictest 

control still reports a 4.7 percent negative wage differential on average for nonprofit workers, net 

of industry and occupation variability.    
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Table 18. Random slope coefficients on different levels 

 Natural log of annual income 

Fixed effects part (9) (T1) (T2) (T3) 

For-profit share of workers 0.003*** 0.003*** 0.003*** 0.003*** 

 (3.537) (3.554) (3.887) (3.979) 

Female percentage by occupation -0.001 -0.001 -0.0004 -0.0003 

 (-1.445) (-1.450) (-0.906) (-0.763) 

Nonprofit  -0.057*** -0.047*** -0.050*** -0.047*** 

 (-3.893) (-3.120) (-3.950) (-4.115) 

Female  -0.185*** -0.185*** -0.182*** -0.182*** 

 (-272.933) (-272.696) (-268.881) (-268.653) 

Years of education 0.073*** 0.073*** 0.070*** 0.070*** 

 (468.674) (468.388) (451.999) (451.929) 

Latino  -0.063*** -0.064*** -0.060*** -0.060*** 

 (-57.061) (-57.446) (-54.413) (-54.396) 

Black  -0.093*** -0.093*** -0.087*** -0.087*** 

 (-90.402) (-90.831) (-85.321) (-85.175) 

Asian  -0.029*** -0.030*** -0.029*** -0.029*** 

 (-21.799) (-22.194) (-21.597) (-21.582) 

Other races  -0.066*** -0.066*** -0.063*** -0.063*** 

 (-32.353) (-32.550) (-31.227) (-31.190) 

Speak English 0.045*** 0.046*** 0.042*** 0.042*** 

 (44.654) (45.161) (41.934) (41.815) 

Work experience  0.011*** 0.011*** 0.011*** 0.011*** 

 (449.153) (449.266) (448.990) (449.056) 

Work experience squared -0.053*** -0.053*** -0.052*** -0.052*** 

 (-266.867) (-266.927) (-263.397) (-263.339) 

Work hours per week 0.013*** 0.013*** 0.013*** 0.013*** 
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 (342.442) (341.644) (342.644) (342.410) 

Constant 10.673*** 10.673*** 10.679*** 10.680*** 

 (374.288) (374.238) (393.187) (394.085) 

Random effects part Variance  

Industry (Intercept)  0.015718 0.015693 0.012761 0.012666 

Nonprofit 0.006896 0.006829 0.005300 0.004288 

Occupation (Intercept) 0.052737 0.052765 0.053803 0.053664 

Nonprofit 0.005739 0.005789 0.003195 0.002041 

Industry×occupation (Intercept)   0.011163 0.010701 

Nonprofit    0.003886 

State (intercept) 0.011391 0.011431 0.011063 0.011054 

Nonprofit  0.000741   

Residual  0.225067 0.224876 0.219502 0.219306 

Observations 3,017,110 3,017,110 3,017,110 3,017,110 

Akaike Inf. Crit. 4,066,108 4,063,689 3,998,534 3,996,937 

Bayesian Inf. Crit. 4,066,393 4,063,999 3,998,831 3,997,260 

Note: *p**p***p<0.01 

 

 

Beyond the small numeric difference, it is useful to think about the selection of 

coefficients for interpretation based on the purpose of the research. If the purpose is to predict, 

maybe Model (T3) should be selected because it controls more variability and yields more 

precision. However, Models (T2) and (T3) lack the theoretical foundation so far. With industry-

occupation cells, the model aims to gauge the between-cell differences. In other words, Model 

(T3) cares about the difference in pay between any combinations of industry and occupation such 

as a social worker in the university industry and a subject instructor in the hospital industry, or 

the pay difference between a manager in a credit union and an artist in arts organizations. There 
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is not enough theoretical or practical underpinning of why the examples mentioned above are 

important to study. Model (T1) can be a choice to examine how nonprofit pay differential varies 

across different states in addition to the random effects on industry and occupation levels if one’s 

interest also includes the state level. In summary, Model (9) provides the estimates that are in 

line with current nonprofit theories given my purpose is to understand and explain the nonprofit 

pay differentials on industry and occupation levels.  

Different datasets.  

The first dataset is the full data without industries of hospital (6220) and higher education 

(6112).  Table (19) shows that hospital industry (6220) makes up 16 percent of the sample, and 

higher education makes up another 4.12 percent. In total, they make up 20 percent of the total 

sample with different proportions of nonprofit and for-profit workers. These industries not only 

are large in size, but also occupy the higher end of industry wage differential: the nonprofit wage 

advantage over for-profit is 10.20 percent for hospitals, and 10.70 percent for higher education 

and universities (Appendix D).  

 

Table 19. Dropped industries for sensitivity analysis 

Industry 

category 

 

Total 

For-profit employees Nonprofit employees 

Frequency industry % overall % Frequency  industry % overall % 

6112 124,307 48,165 38.75 1.60 76,142 61.25 2.52 

6220 479,007 252,313 52.56 8.36 226,694 47.33 7.51 

Total 603,314 300,478 
 

9.96 302,836 
 

10.03 
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The second dataset is the one-year data Census 2000 with a sample size of 649,227, 

which is 21.52 percent of the dataset used in the dissertation. The third dataset is the same 

dataset, but with the original 58 industry categories from ACS without combining into 38 

categories. The major difference between the 38 industries and 58 industries lies in “public 

utilities” where six categories are combined into one, and “transportation” where nine categories 

ranging from air transportation, truck transportation to pipeline transportation and services 

incidental to transportation are combined into one category (Appendix B).   

Table (20) shows how variance components change across different datasets. Whether 

having the “outlier” industries does not seem to affect the variance components, but having more 

industry categories increases the variance on the industry level.   

 

Table 20. Comparing variance components (IUCC) 

 The proportion of variance on each level 

 
38 industries No hospital and 

higher education 

Census 2000 58 industries 

Industry [7.3%] [7.16%] [6.81%] [10.5%] 

Occupation [28%] [27.64%] [25.00%] [26.1%] 

State [2.8%] [2.82%] [3.25%] [2.6%] 

Residual 0.28486 0.29838 0.26634 0.28052 

Constant 10.589*** 10.592*** 10.584*** 10.642*** 

 (269.161) (260.576) (287.944) (277.167) 

Observations 3,017,110 2,423,796 649,227 3,017,110 

Akaike Inf. Crit. 4,776,157 3,933,485 985,622 4,729,958 

Bayesian Inf. Crit. 4,776,222 3,933,548 985,679 4,730,022 
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Next, I compared random intercept models (Table 21). Assuming that the nonprofit wage 

differential does not vary across industries and occupations, the commercialism effect remains 

similar, and the nonprofit pay differential is under 1 percent except for the dataset without 

hospitals and higher education.   Without hospitals and universities, even though we assume 

nonprofit pay differential is the same across the rest 36 industries, nonprofit workers earn 3 

percent less than the for-profit workers. It reflects the overwhelming impact of these two 

industries on the economy-wide nonprofit wage differential estimate due to their large industry 

sizes and industry pay advantages for nonprofits.   
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Table 21. Comparing models with no random slopes 

 Natural log of annual income 

 
38 

industries 

No hospital and 

higher education 

Census 

2000 

58 industries (full-

time worker) 

58 industries (including 

part-time worker) 

289 industries (full-

time worker) 

For-profit share of 

workers 

0.004*** 0.004*** 0.003*** 0.004*** 0.005*** 0.003*** 

(4.213) (4.035) (4.493) (4.505) (4.944) (4.970) 

Female percentage by 

occupation 

-0.001 -0.001 -0.001*** -0.001 -0.001 -0.00001 

(-1.521) (-1.300) (-2.812) (-1.161) (-1.298) (-0.026) 

Nonprofit  0.002*** -0.030*** -0.008*** 0.007*** 0.010*** -0.001 

 (2.891) (-28.381) (-4.649) (9.188) (13.139) (-0.958) 

Female  -0.187*** -0.197*** -0.199*** -0.184*** -0.158*** -0.193*** 

 (-276.068) (-254.826) (-138.037) (-271.682) (-236.715) (-463.042) 

Years of education 0.073*** 0.072*** 0.072*** 0.072*** 0.068*** 0.062*** 

 (469.262) (411.452) (216.209) (464.580) (461.408) (714.735) 

Latino  -0.065*** -0.073*** -0.049*** -0.072*** -0.035*** -0.053*** 

 (-58.414) (-58.487) (-18.974) (-67.001) (-28.958) (-72.420) 

Black  -0.095*** -0.104*** -0.059*** -0.093*** -0.062*** -0.103*** 

 (-92.220) (-88.045) (-27.331) (-91.134) (-61.282) (-151.374) 

Asian  -0.030*** -0.035*** -0.034*** -0.039*** -0.005*** -0.016*** 

 (-22.173) (-21.640) (-10.345) (-29.690) (-3.318) (-17.770) 
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Other races  -0.067*** -0.071*** -0.071*** -0.067*** -0.059*** -0.072*** 

 (-32.827) (-30.747) (-16.862) (-33.299) (-30.718) (-57.598) 

Speak English 0.046*** 0.045*** 0.045*** 0.037*** 0.020*** 0.051*** 

 (44.993) (40.148) (19.443) (18.206) (24.324) (109.259) 

Work experience 0.011*** 0.011*** 0.012*** 0.011*** 0.013*** 0.010*** 

 (448.690) (380.215) (212.464) (439.095) (548.223) (690.076) 

Work experience 

squared 

-0.053*** -0.052*** -0.052*** -0.053*** -0.061*** -0.052*** 

(-267.026) (-229.762) (-115.216) (-268.668) (-331.493) (-444.157) 

Work hours per week 0.013*** 0.015*** 0.012*** 0.013*** 0.877***35 0.015*** 

 (345.041) (342.001) (156.982) (333.049) (1,132.333) (643.305) 

Work weeks per year     0.241***  

     (1,006.384)  

Constant 10.682*** 10.679*** 10.660*** 10.728*** 10.415*** 10.736*** 

 (368.283) (362.015) (400.583) (373.906) (354.715) (519.903) 

Random coefficients No   No No  No  No No 

Observations 3,017,110 2,413,796 649,227 3,017,110 4,306,670 8,131,265 

Akaike Inf. Crit. 4,078,169 3,366,409 839,050 4,049,456 7,122,774 10,649,186 

Bayesian Inf. Crit. 4,078,401 3,366,638 839,254 4,049,689 7,123,026 10,649,436 

Note: *p**p***p<0.01 

 

                                                           
35 “Work hours per week” variable in this model is log form in this model because this dataset includes part-time workers.  
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Models in Table (22) are different from Table (21) by specifying random coefficients for 

nonprofit on industry and occupation levels. With the random effects of nonprofits, coefficients 

for commercialism and nonprofit are highly consistent across different datasets. The large-size 

industry outliers do not seem to matter much because the variability on Level-2 (including 

industry level) is removed. Despite the consistency, there is a noticeable difference in the 

nonprofit coefficient between dataset with 58 categories and 38 categories.  

 

 


