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ABSTRACT

Recently, violent rhetoric and its use by political leaders in the United States has become
a primary focus of elites, media, and researchers alike. This research unveils whether members
of Congress use violent political rhetoric strategically in online communications, and if the rates
at which they use it is consistent with intuitive and theoretical understanding. Using a dataset of
Congressional e-newsletters from 2011 to 2020, I use a random forest classifier to predict the
rates at which violent political rhetoric is used and analyze them over time and along party lines.
| find that violent political rhetoric is prevalent among newsletters and has increased overtime in
partial support of my theory, but that Democrats use it at greater rates than Republicans in
contrast to what was postulated. These findings implicate our understanding of the role of violent

rhetoric in politics as a driver of negative partisanship, polarization, and political violence.

INDEX WORDS: Violent rhetoric, Congressional communication, E-newsletters, American
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1 INTRODUCTION

Today, more than any other time in recent history, political elites, media outlets, and
researchers are paying close attention to the words politicians use to promote political activity
among their base or would-be supporters. Trump’s incendiary language took a major spotlight
during his second impeachment trial as prosecutors argued the January 6th insurrection at the
Capitol was in large part due to his rhetoric. Given the global rise of populism, growing concerns
over democratic erosion, and recent incidents of political violence, it has become more important
than ever to understand the role violent rhetoric plays in political movement, including the rate at
which politicians use it and why.

In terms of the long arc of history, political violence has seen a significant global decline
since the latter half of the 20th century (Pinker 2012). Over the past decade, however, political
violence in the United States has been trending upward, and its form has taken a different shape
(Kleinfeld 2021). Political violence was more commonly conducted by the fringe left in the
1960s and 70s, and it was mostly in the form of the destruction of property. In the late 1970s,
violence began to shift rightward with the rise of white supremacist, anti-abortion, and militia
groups, and, though the number of incidents declined, the target moved from property to people,
such as minorities, abortion providers, and federal agents (Kleinfeld 2021). Today, political
violence in the United States is rising on both the left and right, but overwhelmingly more so on
the right (Pape 2021).

As political violence has evolved over the past half-century, so too has political
communication, with no evolution more drastic than the advent of electronic communication.
Internet availability and capacity has expanded globally over the past several decades, and

politicians have innovated their campaigns, outreach, and networking to take advantage of the



new technology (Karpf 2013). The emergence of online communication is certainly a
momentous stride in the expansion of political communication, but its impact is not strictly
positive. As internet platforms have grown, aggressive political speech by platform users,
including hate speech, violent speech, and violent political rhetoric, have remained pervasive
(Matthew, et al. 2019). Violent political rhetoric is particularly harmful and dangerous as
research supports that it leads to increased support for political violence, negative partisanship,
and polarization (Kalmoe, Gubler and Wood 2018). Moreover, politician’s use of violent
language signals the in-group to mobilize, can reduce the taboo of violence against targeted
groups, and pave the way for future violence (Yanagizawa-Drott 2014; Kaufman 2001).
Significant scholarly attention has been paid to this incendiary and deleterious political
speech on social media platforms by the general public (Siegel 2020; Kim 2022), and recent
research analyzes use and effects of violent language by politicians generally (Fisher et. al. 2019;
Nugent et al 2022). However, scant attention has been paid to whether, how, and under what
circumstances the political elite use aggressive political speech on internet platforms, an
increasingly important stream of communication from politicians to constituents, supporters, and
the general public. This research seeks to remedy this scholarly dereliction by assessing the
frequency and partisan breakdown of violent political rhetoric by U.S. politicians in email
newsletters from 2011 to 2020 using supervised machine learning. The primary theoretical
contention of this research, that politicians have increasingly used violent political rhetoric
strategically to boost support and spur engagement and that this strategy is used by Republicans
more than Democrats, is supported in part by the findings that show increased use of violent
rhetoric over the time period of the study and in election years, but not by the findings that show

greater use by Democrats than Republicans.



2 LITERATURE REVIEW

Political science research has long looked at political communication, the interplay
between politicians and constituents, and the effect of political speech on constituent behavior,
policy making, and enforcement of the law. Increasingly, recent research has investigated social
media as a tool for political communication by the political elite, including judges, members of
Congress, and, on an international scale, world leaders (Lassen and Brown 2011; Barbera and
Zeitzoff 2017; Curry and Fix 2019). This study seeks to contribute to the literature in three ways.
First, it intends to expand our understanding of the internet and social media as a tool for
political communication by the political elite for campaigning, communicating directly with
constituents, and building a political brand. Second, it adds to the growing understanding of
aggressive political communication online by considering violent political rhetoric by political
elites in broadly-disseminated mass media communication. Third, it aims to identify which U.S.
political party is more likely to perpetrate violent political rhetoric in online communications
(specifically e-newsletters in this case) and how the frequency of violent political rhetoric by

politicians has trended over time.

2.1 Online Political Communication

Political communication has evolved greatly over the past century as advancements in
technology continue to progress; radio, television, and the Internet led to a rapid change in how
politicians campaign and interact with the electorate. The innovation of utilizing the Internet in
modern political campaigns has led to changes, such as increased small-dollar donor activity and
a new focus on data analytics, while other features remain the same, such as fundamental
participatory inequalities (Karpf 2013). Following the first election of former president Barrack

Obama, which many regard as the first successful social media driven campaign, researchers



found stark differences between liberal and conservative Internet use in party networking,
information diffusion, and communication. Liberal websites and blogs tended to offer more
community engagement architecture than conservative sites (Shaw and Benkler 2012).

The adoption of social media by politicians was relatively rapid following Obama’s
successful social media campaign in 2008. By 2010, senators, House leadership, and members
with larger constituencies were likely to have adopted Twitter (Lassen and Brown 2011). Nearly
all members of Congress had adopted Twitter within six years. Research finds that most
politicians use Twitter primarily for broadcasting information, but those that also use it to engage
with users receive more approval from constituents (Lee and Shin 2012; Lyons and Veenstra
2016). Politicians also engage in “self-personalization” on Twitter, which is exhibited by tweets
that focus on individual statements, personal photos, and non-campaign related comments
(Evans, Cordova, and Sipole 2014; McGregor, Lawrence, and Cardona 2017). These
personalization campaigns vary by candidate, research shows, with some distinct gendered
differences in how candidates make personal appeals to their audience (McGregor, et. al. 2017,
Meeks 2016). Indeed, research on Internet-based political communication outlines two
dimensions of online communication by politicians, both aimed at building a brand and
encouraging constituent participation and support: a top-down, information dissemination (or
agenda-setting) platform and an interactive, community-building platform (Dahlgren 2006;
Lilleker 2015).

E-newsletters, on the other hand, represent a distinct form of political communication;
even when one considers only forms of online communication, e-newsletters are still discernably
different from things like tweets and other social media posts. Bloom, Cormack, and Shoub

(2022) show that frequency of communication by members of Congress vary across mediums



and that first-term members and members representing more populated districts have an
increased likelihood of using e-newsletters while Democrats and more ideologically extreme
members are less likely to use e-newsletters. Moreover, Congress members differ in their
partisan positioning and the way they portray their ideological disposition across different
mediums; speech in e-newsletters portrays more partisan polarization than traditional venues
(e.g., press releases) but less than social media posts (Green, Shoub, and Cormack 2024). In
terms of audience, e-newsletter subscribers are on average older, wealthier, and more partisan
members of their electorate (Cormack 2017). The assumed audience for e-newsletters is
comprised of primarily constituents of the author; aware of this, politician’s change their
ideological portrayal depending on the base-to-swing voter ratio that composes their district
(Cormack 2016). Members of Congress also take cues from their party leader and other party
members in a “follow the leader” style of politics, such as distributing similar post-card style
holiday e-newsletters or touting some of the same beliefs as the president regarding Covid-19
strategies. However, they may break from their party leader’s messaging regarding important,
factual information for their constituents, such as statements regarding the importance of wearing
masks during the Covid pandemic (Cormack and Meidlinger 2021).

Further research from the U.K. shows that e-newsletters share some similarities with
other forms of online communication, such as being direct communication from the politician to
the constituent and being cheap, easy to produce, and able to bypass mass media outlets, yet they
are a mostly one-sided form of communication with a narrower audience of mostly supporting
constituents (Jackson 2005; Jackson 2006). In this way, the content of political e-newsletters
generally focuses on communicating with party members rather than attracting new supporters

(Jackson 2005). Research on Canadian lawmakers shows that e-newsletters serve as a tool for



self-presentation, but that lawmakers present themselves differently in e-newsletters than other
platforms designated for a more general audience, such as their websites (Koop and Marland
2013). Overall, e-newsletters serve as a direct line of communication from politicians to their
political base for self-personalization, promoting constituency services, and relaying unmediated

targeted messages (Jackson 2008; Jackson and Lilleker 2007).

2.2 Aggressive Political Communication

In the broadest sense, there are two categories of aggressive political communication:
hate speech and violent rhetoric. Hate speech takes on many definitions and conceptualizations
within the literature but can be generally defined as communication that disparages a person or a
group on the basis of characteristics such as race, color, ethnicity, gender, sexual orientation,
nationality, religion, or political affiliation (Castafio-Pulgarin, et al. 2021). Violent political
rhetoric, which appears less prominently as its own concept in the literature, is defined as
expressing the intention of physical harm against political opponents and includes both direct
expressions of intent to inflict physical harm and violent metaphors that may not necessarily
carry the intent to commit violence (Kim 2022). Aggressive political communication occurs
offline and on social media platforms, of which scholarship has looked at the effects of both.
Similarly, these forms of toxic speech are produced and propagated by both political elites and
non-elites.

Research into the effects of aggressive political communication yield results with causal
arrows pointing both ways. Studies show that hate speech by political figures boost domestic
terrorism (e.g., Piazza 2020) while, at the same time, incidents of extremist violence may lead to
increased incidents of hate speech online (e.g., Olteanu, et. al. 2018). Many recent incidents of

political violence in the U.S. are rhetorically linked to speech made by right-wing political



leaders and commentators, such as former president Donald Trump or former Fox News
personality Tucker Carlson, by news outlets such as the New York Times. On the other hand,
political violence conducted by extremist groups composed of minority populations, such as
attacks by Muslim groups in Western countries, contributes to an increase in online hate groups.
Rather than a chicken vs. egg situation, the literature seems to show a self-perpetuating cycle of
aggressive political communication fanning the flames for acts of political violence that in turn
lead to the self-proclaimed affirmation and proliferation of hateful and violent speech
(Wahlstrom et. al. 2021; Fisher et. al. 2018).

Though it is not often that political elites use hate speech or directly express violent
intent, it is common in all forms of political communication through every medium to use violent
metaphors (Flusberg, Matlock and Thibodeau 2018). War metaphors are perhaps the most
frequent exhibitions of violent metaphors; examples include the war on drugs, war on poverty,
and so on. The literature offers two main reasons as to why metaphors like this are so prominent
in U.S. politics. The first is that they allow rather complex or abstract topics to be thought of and
talked about as something simpler and more concrete (Thibodeau and Boroditsky 2011). When
discussing a topic that is a complex sociopolitical issue with an array of causes and
consequences, such as the Opioid Epidemic, it is made much simpler by referring to it as a
‘disease’ and a crisis that we have declared ‘war’ on to solve. The second is that these metaphors
evoke notable emotional responses (Flusberg, Matlock and Thibodeau 2018). For example,
referring to drug addiction as a disease may invoke feelings of compassion or disgust depending
on the context, while referring to a political program as a war on something may invoke fear or a

sense of threat (Elwood 1995).



Violent metaphors in politics go beyond just war metaphors; they include references to
‘fight for’ or ‘against’ something, portrayals of supporters as combatants, and depictions of
political objects as weapons (e.g., “attack ad”’) (Kalmoe, Gubler and Wood 2018). These violent
metaphors are absorbed by citizens as aggressive cues that prime aggressive responses, which in
turn produce higher-aggression partisanship and increased polarization (Kalmoe 2014). This is
even more true for individuals who have higher trait aggression — aggressive cues prime
aggressive responses to the extent that they resonate with trait aggression in audiences (Anderson
and Bushman 2002). More than just increasing partisanship, Kalmoe, Gubler, and Wood (2018)
show that violent metaphors increase support for political violence among respondents of a
nationally representative survey. Like hate speech and direct expressions of violent intent,
violent metaphors exacerbate polarization, foster violent attitudes, and potentially lead to
incidents of political violence.

If this is the case, one may reasonably ask why politicians continue to use these forms of
aggressive political speech. This is because they are politically incentivized to use these forms of
speech to motivate their supporters; the literature supports that aggressive political speech has a
serious impact on many political outcomes, including participation, information seeking, inter-
group evaluations, and deliberative attitudes (Henson, et. al 2013; Sydnor 2019; Gervais 2019).
The rise of negative partisanship in U.S. politics has created a political environment in which
politicians are incentivized to depict their political opponents as enemies, which is conducive to
various forms of aggressive political communication (Abramowitz and Webster 2016, 2018).
With respect to this growing issue, there is also significant literature on detecting and
discouraging hateful speech and violent political rhetoric online and elsewhere (Waseem and

Hovy; Davidson et al., 2017; Zimmerman, Kruschwitz and Fox 2018; Siegel 2020).



3 THEORY

The literature illustrates that violent political rhetoric takes the form of both direct
expressions of violence and violent metaphors or other forms of figurative language. This
volatile language, when spoken by political elites, can spur audiences into political action and
make complex topics more digestible, but also promote aggression, polarization, and potentially
pave the way for incidents of political violence. Why, then, do politicians use violent rhetoric
despite the negative effects it can have on peace and democracy? Here, | argue that politicians,
namely members of Congress in this study, use violent political rhetoric strategically to promote
engagement and support from their political base in spite of the negative effects it may have. In
communications where there is a broad general audience, politicians are disincentivized from
using the more vitriolic forms of violent rhetoric as the general public typically dislikes uncivil
political discourse (Frimer and Skitka 2018). E-newsletters, however, have a primary audience of
supporters, reducing the probability of losing floating voters due to poor public relations and thus
the cost of using violent rhetoric. Moreover, e-newsletters are top-down, one-way
communication from politician to constituent or supporter, reducing the probability of direct
pushback or backlash for using polarizing or incendiary speech one might get on other more
interactive mediums such as Twitter and Facebook. As a result, e-newsletters are a prime
medium for political communication containing strategic violent rhetoric.

While this study does not compare usage of violent political rhetoric across platforms, it
does test whether its use, if strategic, is consistent with intuitive and scholarly understanding that
its use will have increased as politics have become more contentious, it will be utilized more as
the stakes increase (as elections approach), and that Republicans will find its use less costly than

Democrats. Here, | formulate three tests to determine whether use of violent political rhetoric is
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consistent with the theoretical framework of its strategic application by members of Congress.
The first proposes that violent rhetoric usage will be greater among Republicans than Democrats.
This is primarily attributed to the rise of right-wing populism, negative partisanship, and
grievance-based politics associated with the tea-party, Donald Trump, and the new style of
hardline Republican politics (Tesler 2016; Kreis 2017; Abramowitz and McCoy 2018; Hodwitz
and Massingale 2020). This style of politics is more conducive for violent rhetoric than a more
liberal, base-broadening approach that is expected of Democratic Congress members.
Additionally, some research suggests that violent metaphors may be more common among
Republicans as popular rhetorical phrases such as the ‘war on terror’ are largely attributed to the
Reagan, Bush I, and Bush Il brand of Republican politics that emphasizes the use of political and
cultural narratives to frame policy issues (Fisher et. al. 2018). Though ‘war on poverty’ was
coined by Democratic president Lyndon B. Johnon, predating Reagan, the use of war metaphors
since has been primarily a Republican strategy. This all informs the first hypothesis:

H1: Democratic members of Congress will use violent rhetoric in email newsletters less
than Republican members.

The second theoretical argument for strategic use of violent rhetoric is that it has
increased over time alongside the rise of negative partisanship and grievance-based politics. The
grounding for this is essentially the same as H1, but it takes into account the use of violent
rhetoric by both parties. Although Trumpian Republicanism is more conducive to violent
political rhetoric, negative partisanship has increased on both sides as of the aisle, promoting
affective polarization and combative rhetoric regarding the other party (Abramowitz and

Webster 2016). As such, there is no counteracting force against the speculated increased use of
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violent rhetoric on the right; instead, overall use of violent rhetoric will increase overtime as
Democrats continue to use violent rhetoric, only at rates less than Republicans.

H2: Use of violent political rhetoric in email newsletters will increase between 2011 and
2020.

Lastly, if usage of violent political rhetoric is indeed strategic, it should appear in e-
newsletters at a greater rate around elections than any other time. One of the primary benefits
from using violent rhetoric in political speech is that it increases political activity, elevates in-
group evaluations while attitudes towards out-groups suffer, and diminishes deliberative attitudes
(Henson et. al. 2013; Gervais 2019). However, this is all at the risk of losing supporters due to
general attitudes against incivility in politics. As such, a Congress member’s cost-benefit
analysis for using violent political rhetoric is more likely to encourage its use when the pressure
to promote voter turnout and support for oneself or party is high, i.e., as elections approach. In
turn, members may be increasingly discouraged from using violent political rhetoric the further
away elections are from the e-newsletters publication as they avoid the risk of losing supporters.

H3: Use of violent political rhetoric in email newsletters will be higher in election years

than non-election years



12

4 DATA

To assess the prevalence of violent rhetoric in communications made by U.S. politicians,
| use a dataset of over 123,000 email newsletters from U.S. members of Congress between 2011
and 2020. This dataset comes from DCinbox, an academic project conducted by students and
faculty at New York University and Stevens Institute of Technology. The data contains the
subject and textual content of the newsletters, the author (or name of the politician whose office
distributed the newsletter), date and timestamps, and other important information, including
partisan affiliation of the author. Due to missingness in key variables, several observations from
the original dataset were dropped from the analyses, resulting in a final dataset of 122,176
observations.

As discussed in previous sections, e-newsletters are certainly not representative political
communication broadly. Some key differences include e-newsletters much narrower audience of
constituents and their focus being on policy and news as opposed to brand-building, tent-
widening, or self-personalization (Cormack 2016; Cormack 2017; Jackson 2005). Moreover, the
communications through these venues have already been shown to differ in terms of partisan
positioning, use of polarizing language, and overall frequency of use by party, ideology, gender,
and other variables (Blum, Cormack, and Shoub 2022). As such, the prevalence of violent
rhetoric in political speech may differ based on the target audience or purpose of the speech, but
that is beyond the scope of this study. Nonetheless, e-newsletters remain an important part of a
politician or political party’s arsenal for communicating and disseminating information and thus
represent an important form of political speech. In this way, developing a greater understanding
of the use of violent rhetoric in this form of political speech aids in our broader understanding of

violent rhetoric in U.S. politics.
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The dependent variable in this study, violent rhetoric, is a dichotomous variable
indicating whether a newsletter contains violent rhetoric, indicated as one, or does not, indicated
as zero. This label does not exist in the original dataset; instead, this is a predicted label
generated by a machine learning model trained on a prelabelled subset of the data and used to
predict the occurrence of violent rhetoric throughout the full dataset. Further detail regarding this
machine learning process, including model specificity, training, and coding rules, will be
outlined in the methods section proceeding this one. When it is all said and done, just over a
quarter of all e-newsletters in the dataset, or 30,563, are labelled as containing violent rhetoric;
this indicates that violent rhetoric is a relatively frequent occurrence in this form of political
communication, but it still is absent from e-newsletters more often than not.

There are three independent variables in this analysis. The first is partisan affiliation,
measured as a dummy variable. In the analysis, this variable is referred to as Democrat where an
instance of zero indicates that the politician who authored the newsletter is a Republican or
Independent while an instance of one indicates he or she is a Democrat. In the data, there are 511
Republicans and Independents and 398 Democrats, resulting in a total of 78,618 e-newsletters
from Republican or Independent Congress members and 43,961 from Democratic members.
There is a sizeable representation of both Democrats and non-Democrats in the data, so there is
no expectation of skewed or biased results. The second independent variable is year, which
refers to the year in which the e-newsletter was distributed. Figure 1 displays the count of e-
newsletters in each year, showing a relatively consistent number of e-newsletters each year until
a large spike in 2020, which likely is a result of the COVID-19 pandemic. Election year is the
third independent variable and indicates whether the e-newsletter was released during an election

year or not. This is not a perfect measure of closeness to elections as there are certainly smaller
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divisions of time that may enable more granulated analysis, and some members of Congress are
not always up for re-election in a given election year. However, this measure implies that
Congress members campaign not only for themselves but also for their party during election
cycles and are thus more inclined to use speech that promotes political activity, which violent
rhetoric is theorized to do, even when they are not up for re-election. Moreover, election
campaigns do not begin and end within a few weeks of elections, but often unfold over the
course of the election year as primary elections in most places take place in the spring or early
summer and candidates enter and withdraw from the race throughout the year. As such, using
election years as a measure of proximity to elections is appropriate as it takes into account the
long life of an election campaign and a member of Congress’ prerogative to promote their

party’s policy positions and accomplishments regardless of whether they are individually up for

re-election.
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Figure 1: Count of e-Newsletters in Each Year 2011-2020
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There are two additional variables included in the analysis to account for variance in the
modelled relationship that is not explained by the theory: seniority and district presidential vote.
Seniority indicates how senior a Congress member is in their given chamber, measured
numerically by the number of terms they have been elected to the chamber. District presidential
vote, which is the share of the vote won in a Congress members district by the Democratic
presidential candidate in the most recent election, serves as a measure of constituent ideology for
that member of Congress. It refers to the district-level share of the vote for members of the
House and statewide vote-share for members of the Senate, which has been shown to affect the
behavior of Congress members (Waldman 1967; Cohen et al 2000; Parker and Parker 1985).
This variable at face value seems strongly colinear to partisan affiliation, but it is fundamentally
different as districts and states can often split the ballot in relation to presidential and
Congressional elections, separating a Congress member’s own party identification from the
partisan affiliation of their district in presidential elections. Including this variable brings this
study in line with standard practices when analyzing the U.S. Congress. These variables are not
theoretically linked to the presence of violent rhetoric in a Congress member’s e-newsletter and
thus have no hypothesized correlation, but may nonetheless impact how Congress members
communicate and are included in the analysis as controls.

Table 1: Descriptive Statistics of Variables

Variable Mean Standard Deviation Minimum Maximum

Democrat 0.36 - 0 1

Year 2015.85 2.93 2011 2020
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Variable

Election Year

Seniority

District Presidential VVote

Mean

0.51

4.98

48.57

Standard Deviation

4.09

14.88

Minimum Maximum

0 1
1 30
17.46 96.99
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5 METHODS

The first step in this analysis is to generate the predicted labels that serve as the
dependent variable. To do this, | train a random forest classifier model on a random subset of
375 pre-labelled e-newsletters. Using Breiman’s (2001) random forest algorithm, the model
constructs an ensemble of decision trees during training and outputs the mode of the classes of
the individual trees, enhancing predictive accuracy and controlling overfitting by averaging
multiple decision trees trained on random subsets of the data and features. Essentially, it
generates a large number of decision trees and each tree votes on the predicted class, allowing
the model to produce a predicted label and a measure of how confident it is in each label
prediction.

| choose to implement a random forest model as opposed to other, more cutting-edge
classifier models such as support vector machines or neural networks primarily due to feasibility.
Due to having to personally hand-label the training set, there is a relatively low-N subset of pre-
labelled data, which shrinks the benefits of have a more refined machine learning model.
Meanwhile, the costs of such a model remains high in terms of time to train, monetary costs to
run, and taxation on the memory usage and processing power of my personal machine.
Additionally, I do not choose to use other low-cost models such as Naive Bayes or k-Nearest
Neighbor because the random forest model performs just as well or better, thus serving as a
middle ground choice between simplistic classifier models to the more refined, high-cost forms
of machine learning.

At its core, there are three steps to supervised machine learning: train, validate, and test.
First, the machine learning model is trained using random or nonrandom subset of data, e-

newsletters in this case, with pre-labelled classes hand-coded according to a set of coding rules.
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This pre-labelled data is next split into a training set and a test set, the first of which the model
uses to learn the important features that predict the text’s classification. The model is validated to
determine how well it is expected to perform on unseen data and prevent overfitting it to the
training data. Then, the model is run on the test set to validate how well the model predicts the
texts’ classification compared to the hand-coded labels. Subsequently, the model
hyperparameters are tuned to maximize its precision, accuracy, or other relevant measures of
performance while balancing the variance-bias tradeoff and re-tested on the pre-labelled data.
Finally, once the model’s performance has reached an acceptable level, it is run on the full

dataset to provide predicted labels that provide a class for each observation.

5.1 Coding Rules

For this research, there are two categories by which an e-newsletter can be labelled. Class
1 refers to e-newsletters that contain violent rhetoric, which includes those in which the author
directly expresses an intention of physical harm (e.g., “we will attack our enemies with full
force”), and those in which the author discusses essentially non-violent politics using a violent
metaphor or other forms of figurative speech but lacking in violent intent (e.g., “I will continue
to fight for you in Congress” or “we must limit job-killing regulation”). Class 2 refers to e-
newsletters that do not contain either direct expressions of an intent to act violently or violent
figurative speech, including those that may contain violent language that are statements of
(perceived) fact, such as messages referencing violent events or normalized violence the death
penalty (e.g., the death penalty or the armed forces). It is important that violent speech that is
factual is differentiated and excluded from violent political rhetoric because members of
Congress often expected to talk about both policies related to violence, such military affairs and

the death penalty, or incidents of violence, such as mass shooting or terrorism. This speech is
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fundamentally different violent political rhetoric because its primary purpose is not to invoke or
appeal to an emotion, but rather to disseminate information about real-world events.
The decision rules are comprised of three sets of sequential questions and answers:
Question 1: Does the author express a personal or externalized intention of physical harm

that can be interpreted literally?

Answer: If yes, Class 1. If no, go to Question 2.

Question 2: Does the author use violent figurative speech AND do you think that the
figurative speech is used to express an intention of physical harm?

Answer: If yes, Class 1. If no, go to Question 3.

Q3: Does the author use violent figurative speech AND do you think that the figurative
speech is used to refer to essentially non-violent political events, issues, or phenomena?

Answer: If yes, Class 1. If no, Class 2

In the case of this study, direct expressions of violent intent and violent figurative speech
are combined into one general category of violent rhetoric, but this may not necessarily be the
case in analyses of other mediums of political speech. Direct expressions of physical harm are
too rare among e-newsletters to be included as its own category distinct from figurative
language; this may be because of a relatively thorough vetting process prior to distribution or
some other mechanism that future research may discover. Distinguishing between different
forms of violent rhetoric certainly aids in explaining its use by political elites and impact on
political behavior but is not practical in this case due to the nature of the data. In this way, e-
newsletters are expected to reach Class 1 primarily through Question 3, and those that do so by

way of Questions 1 and 2 are not expected to occur at a substantively meaningful rate. All cases
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in which the answer is no to all three questions result in categorization of Class 2, allowing for

speech that discusses violence in a non-rhetorical manner to be appropriately classified.

5.2 Model Performance

In this study, the total N of the pre-labelled dataset amounts to 375 observations. | divide
this dataset into a 75-25 split between the training and test sets respectively. | use 10-fold cross
validation to provide a robust estimate of model performance on the training set. Figure 2
displays a confusion matrix of the model’s final performance on the test set in which it predicted
labels with approximately 75% accuracy, 64% precision, and 55% recall. In plain English, the
model correctly predicts the class three out of four times overall, correctly identifies newsletters
containing violent rhetoric a little less than two-thirds of the time when it makes a positive
prediction, and identifies a little over half of the actual cases of violent rhetoric, meaning it
misses nearly half of the true positives. These model performance results are not perfect, but can
be largely attributed to the size of the training data, which is a shortcoming not easily remedied.
Beyond that, however, there is expected to be a class imbalance in the data — there are fewer e-
newsletters containing violent rhetoric than those that do not, making it more challenging to
achieve high precision and recall. For the purposes of this study, analyzing over half of all
potential cases in which there is violent rhetoric and, in doing so, achieving a sufficiently high N

is satisfactory.
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Figure 2: Confusion Matrix of Random Forest Model Test Set Performance
5.3 Statistical Methods

After generating predicted labels, | perform visual and statistical tests for each of the
hypotheses. The visual tests are detailed in the results section below. To statistically test for the
effect of partisan identification and election proximity on the likelihood of the presence of
violent rhetoric in a newsletter, | estimate a logit model to analyze the effect of Democrat,
election year, seniority, and district presidential vote on the predicted label for violent rhetoric. |

exclude year as a variable from this model to avoid problematic autocorrelation and rely solely

on a visual test to support the related hypothesis.
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6 RESULTS

Figure 3 below illustrates the difference in the proportion of violent rhetoric use between
the two political parties as a visual test for the first hypothesis. | use proportions as opposed to
counts to account for difference in the total number of e-newsletters from each party that exist in
the data. These findings run directly counter to the contention that Democrats use violent rhetoric
in e-newsletters less than their Republican counterparts. Instead, the graph shows that
approximately 27% of Democrat’s e-newsletters contain violent rhetoric while the same is true
for only around 24% of Republican e-newsletters. While a 3% difference between the parties is
relatively small in magnitude, the fact that Democrats use violent rhetoric at a greater rate is

notable in and of itself.
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Figure 3: Bar Graph of Proportion of Violent Rhetoric by Party
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The second hypothesis contends that violent rhetoric in e-newsletters has increased over
time. Figure 4 displays this overall trend in the proportion of e-newsletters containing violent
rhetoric, as well as how the use of violent rhetoric has trended by party. | use proportions as
opposed to counts to account for both differences in total number of e-newsletters produced each
year and the greater number of Republican-authored e-newsletters than Democrat-authored ones
that exists in the data. The graph shows a sizeable general increase in the proportion of all e-
newsletters that labelled as containing violent rhetoric by the random forest model. By 2020,
violent rhetoric occurred in about 26% of e-newsletters as compared to around 16% in 2011. The
trend is not linear, however; use of violent rhetoric sharply rose from 2013 to 2016, drastically
dropped in 2017, then rose back to 2016-level use where it mostly plateaus. Notably, the changes
in the overall trend a largely driven by changes in usage by Republican members of Congress,
likely due to their larger representation in the data. Democrats, counterintuitively, show higher
proportions of violent rhetoric use than Republicans in almost every year, and their usage peaks
in 2017, the same year that Republicans exhibit their largest year-to-year decrease. This may
indicate that big national election losses incentivized Democrats to use more violent rhetoric to
evoke emotional responses that would increase policy salience or political activity among
constituents while big wins for Republicans allowed them to curb their use of violent rhetoric.
However, this visual test can only sufficiently show that use of violent rhetoric in proportion to
the total use of e-newsletters has indeed increased over time, in support of the second hypothesis,
and that Democrats on average use more violent rhetoric in a year than Republicans, providing

further evidence against the first hypothesis.
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Figure 4: Line Graph of Proportion of Violent Rhetoric Over Time by Party

Figure 5 compares the proportion of e-newsletters that contain violent rhetoric in years
with a national election and non-election years. According to the graph, election years see an
approximately 2.3% greater proportion of e-newsletters containing violent rhetoric than non-
election years with a total proportion of about 26% and 23.7% respectively containing violent
rhetoric. This finding supports the third hypothesis, that violent rhetoric is greater in election
years than in non-election years. Again, however, the substantive magnitude of the difference is

relatively small.
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Figure 5: Bar Graph of Proportion of Violent Rhetoric by Election Year Status

The results of nested and non-nested logistic regression models are displayed in Table 2
below. Nested models are displayed to address potential model overspecification; as the
variables maintain their statistical significance in both nested and non-nested models, the full
model is likely not over-specified. The model results show statistical significance for the two
theoretical variables at the 0.001 level. I use a more stringent cut-off for statistical significance of
0.001 as opposed to the more conventional cut-off of 0.05 due to the high number of
observations in the analysis that make it much easier to achieve statistical significance at the
conventional cut-off. Nonetheless, both democrat and election year are statistically significant
and positive, indicating that e-newsletters from Democrats and e-newsletters in election years are
more likely to be labelled as containing violent rhetoric than those from Republicans or those
from non-election years. This is again in contention with the first hypothesis but supportive of

the second. To note, the control variable district presidential vote is also statistically significant
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and positive, indicating there may be a relationship between increased right-wing partisan

preference among constituents and increased use of violent rhetoric.

Table 2: Logistic Regression of Violent Political Rhetoric

Violent Rhetoric

Logit 1 Logit 2 Logit 3
Democrat 0.159" 0.346"
(0.014) (0.020)
Election Year 0.127" 0.123"
(0.013) (0.013)
District Presidential Vote -0.009"
(0.001)
Seniority 0.001
(0.002)
Constant -1.165" -1.172° -0.885"
(0.008) (0.010) (0.030)
Observations 122,930 122,930 122,930
Wald 2 135.971 * 871.440 * 91.681 *
Log Likelihood -68,873.440 -68,895.120 -68,741.920
Akaike Inf. Crit. 137,750.900 137,794.200 137,493.800

Notes

* p < 0.001. Robust standard errors in parentheses.
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For increased interpretability of these model results, Figures 6 and 7 display the predicted
probability of violent rhetoric by party and election year status respectively. These graphs allow
us to visualization the magnitude of the change in the likelihood of an e-newsletter containing
violent rhetoric based on the two variables. Figure 6 shows a relatively small but still
substantively meaningful increase in the likelihood of violent rhetoric from Republicans to
Democrats; there is about a 21.5% predicted probability of a Republican-authored e-newsletter
containing violent rhetoric compared to just under 28% predicted probability for Democrat-
authored ones. An increase of almost 6.5% is relatively sizeable, especially given the direction of
the change. Figure 7 shows a substantively insignificant change in predicted probabilities for
violent rhetoric between election years and non-election years. E-newsletters in election years
have just over a 23.5% predicted probability of containing violent rhetoric compared to just
under 21.5% in non-election years. This change of around 2%, especially given the intuitive

directionality of the change, is not functionally meaningful.
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7 DISCUSSION AND CONCLUSION

This study finds that violent political rhetoric is pervasive among email newsletters
distributed by U.S. members of Congress, and its use increased over the course of the past
decade. The prevalence of violent rhetoric in these e-newsletters changes in relation to the
partisan affiliation of the author — Democrats are more likely to use violent rhetoric in e-
newsletters than Republicans. The reason for this is not immediately clear; it may be the case
that Democrats compensate for their lack of violent political rhetoric in other mediums in e-
newsletters, as they are less likely to lose would-be supporters in e-newsletters as compared to
other mediums of communication. As such, Democrats may use violent rhetoric more than
Republicans in e-newsletters but not in other forums for communication, though this is highly
speculative. Violent political rhetoric usage also increases based on proximity to elections at a
statistically significant rate.

While e-newsletters are not representative of all forms of political speech, they are an
important part of politician-constituent interaction; unveiling the use of violent rhetoric in these
e-newsletters illustrates how politicians use this form of speech to elevate their political platform.
These findings implicate our understanding of violent rhetoric in U.S. political speech, of how
U.S. members of Congress use aggressive political speech broadly, and the role of researchers in
identifying and understanding relationships between violent speech, political-constituent
relationships, and acts of political violence. Much of the literature links Donald Trump, right-
wing populism, and other aspects of the right-wing political movement in the rise of vitriolic
politics and aggressive political communication, but the findings of this study show that

Democrats also play a key role in this.
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All political speech is strategic speech used to advance a politician’s political agenda,
disseminate information about a policy or campaign, or to dictate the narrative surrounding
political issues and events. In this way, the use of violent rhetoric in political speech is a political
tactic that calls upon the emotional sensibilities of the audience to incite political activity or
drum up support for a political issue. However, such speech may have negative side effects of
increasing partisanship and support for political violence as shown in the literature. In today’s
political landscape, the role of incendiary language on political violence and democratic erosion
is highlighted more than ever by media outlets, politicians, and researchers. It is important to
continue to advance our understanding of the use of violent rhetoric in political speech,
especially in relation to incidents of political violence.

Future research related to violent political rhetoric may expand upon this research design
to include speech from political elites beyond members of Congress, such as presidents,
candidates, and media outlets, as well as speech from other mediums of communication, both
online and in-person. For example, including social media posts, interviews, and speeches made
by U.S. politicians may yield interesting results related to how usage of violent rhetoric varies
across mode of speech and how its relationship with key variables changes depending on the
intended target audience. Key differences may also exist between speech that is carefully
curated, like e-newsletters, and speech that is typically more improvised, such as impromptu
speeches or responses to interview and debate questions. Finally, future research should continue
to analyze the relationship between violent rhetoric and incidents of violence in order to curb the

role political speech in inciting political violence.
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